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The field of parallel and distributed processing has obtained 

prominence through advances in electronic and integrated technologies 

beginning in the 1940s.  Current times are very exciting and the years 

to come will witness a proliferation in the use of parallel and 

distributed systems, or supercomputers. The scientific and 

engineering application domains have a key role in shaping future 

research and development activities in academia and industry.  

The purpose of this workshop is to provide an open forum for computer 

scientists, computational scientists and engineers, applied 

mathematicians, and researchers to present, discuss, and exchange 

research-related ideas, results, works-in-progress, and experiences 

in the areas of architectural, compilation, and language support for 

problems in science and engineering applications.  

Possible topics include, but are not limited to:  

• Parallel and distributed architectures and computation models  

• Hardware/software co-design Compilers, hardware, tools, 

programming languages and algorithms, operation system support 

and I/O issues  

• Techniques in the context of JAVA (Java multi-threading, Java 

processors with parallelism, novel compiler optimizations for 

Java, etc.)  

• Compiler/hardware support for efficient memory systems  

• Novel uses for threads to improve performance or power  
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• Hardware/software and technological support for energy-aware 

applications  
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• Software processes for development/maintenance/evolution of 

scientific and engineering software  
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systems and global changes, computational environment and energy 
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system simulation, computational chemistry, computational 
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applications, transportation systems simulations, 

combinatorial and global optimization problems, structural 

engineering, computational electro-magnetics, data mining, 

computer graphics, virtual reality and multimedia, 

computational finance, semiconductor technology, and 

electronic circuits and system design, signal and image 

processing, and dynamic systems, etc.  
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the area of hardware/software support for high performance computing 

in science and engineering applications.  

 

The program for this workshop is the result of hard and excellent work  

of many others, reviewers and program committee members. We would like  

to express our sincere appreciation to all authors for their valuable  

contributions and to all program committee members and external 

reviewers for their cooperation in completing the workshop program 

under a very tight schedule. Last but not least, we thank Dr. Martin 

Schulz and Prof. J. Ramanujam, the workshops chairs of PACT-03, for 

their patience and effort for helping and encouraging the inclusion 

of SHPSEC-03 in PACT-03.  

 

 

SHPSEC-02 Program Chairs 

 

Laurence Tianruo Yang, St. Francis Xavier University, Canada 

Minyi Guo, University of Aizu, Japan  



 

SHPSEC-02 Program Vice-Chairs 

 

Martin Buecker, Aachen University of Technology, Germany 

Jiannong Cao, The Hong Kong Polytechnic University, P. R. China  

Weng-Long Chang, Southern Taiwan University of Technology, Taiwan  

Vipin Chaudhary, Wayne State University, USA  

Beniamino Di Martino, Second University of Naples, Italy  

Weijia Jia, City University of Hong Kong, P. R. China  

Darren J. Kerbyson, Los Alamos National Lab., USA  

Jie Li, University of Tsukuba, Japan 

Thomas Rauber, University of Bayreuth, Germany  

Gudula Runger, Technical University of Chemnitz, Germany 

 

 

 

 

 

  

 



Technical and Program Committee:  

Hamid R. Arabnia University of Georgia, USA 

Ioana Banicescu Mississippi State University, USA 

Subhash Bhalla University of Aizu, Japan 

Anu Bourgeois Georgia State University, USA 

Martin Buecker Aachen University of Technology, Germany

J. Carlos 

Cabaleiro 
Universidade Santiago de Compostela, Spain

Kirk W. Cameron University of South Carolina, USA  

Jiannong Cao 
The Hong Kong Polytechnic University, P. R.

China 

Kasidit Chanchio Oak Ridge National Laboratory, USA  

Weng-Long Chang Southern Taiwan University of Technology,

Taiwan 

Barbarra Chapman University of Houston, USA 

Vipin Chaudhary Wayne State University, USA 

Beniamino Di 

Martino 
Second University of Naples, Italy 

Ramon Doallo Universidade da Coruna, Spain 

Rudolf Eigenmann Purdue University, USA 

Thomas Fahringer University of Vienna, Austria  

Len Freeman  University of Manchester, UK 

Michael Gerndt Technical University of Munich, Germany 

John L. Gustafson Sun Microsystems, Inc. USA  

Dora B. Heras Universidade Santiago de Compostela, Spain

Pao-Ann Hsiung National ChungCheng University, Taiwan, 

R.O.C 

Constantinos 

Ierotheou 
 University of Greenwich, UK 

Weijia Jia City University of Hong Kong, P. R. China

Hai Jin Huazhong University of Science and 

Technology, P.R. China  

D.J. Kerbyson Los Alamos National Laboratory, USA  

Zhiling Lan Illinois Institute of Technology, USA 

Jie Li University of Tsukuba, Japan 



Sanli Li Tsinghua University, P. R. China 

Zhiyuan Li Purdue University, USA  

Xiaola Lin        University of Hong Kong, P. R, China

Yong Luo Intel, USA  

 Russ Miller  State University of New York at Buffalo, USA

Frank Mueller North Carolina State University, USA 

Michael K. Ng University of Hong Kong, P. R. China 

John O'Donnell University of Glasgow, UK 

Stephan Olariu Old Dominion University, USA 

Mohamed 

Ould-Khaoua University of Glasgow, Scotland  

Tomas F. Pena Universidade Santiago de Compostela, Spain

Janusz Pipin National Research Council of Canada, Canada

Constantine 

Polychronopoulos 
University of Illinois at 

Urbana-Champaign, USA 

Xiangzhen Qiao Chinese Academy of Science, P.R. China 

Ram J Ramanujam Louisiana State University, USA  

Yi Pan Georgia State University, USA  

Thomas Rauber University of Bayreuth, Germany 

Jose D. P. Rolim University of Geneva,  Switzerland 

Gudula Runger Technical University of Chemnitz, Germany

Olaf Schenk University of Basel, Switzerland 

Erich Schikuta University of Vienna, Austria 

Stanislav G. 

Sedukhin 
University of Aizu, Japan 

Edwin H-M. Sha University of Texas at Dallas, USA 

Gurdip Singh Kansas State University, USA 

Peter Strazdins Australian National University, Australia

Eric de Sturler University of Illinois at 

Urbana-Champaign, USA 

Sabin Tabirca University College Cork, Ireland 

Luciano 

Tarricone University of Perrugia, Italy 

Xinmin Tian INTEL, USA 

Mateo Valero Universidad Politecnica de Catalunya, 



Spain 

Chengzhong Xu Wayne State University, USA 

Jie Wu Florida Atlantic University, USA 

Zhiwei Xu National Center for Intelligent Computing

Systems, P. R. China 

Jingling Xue 
The University of New South Wales, 

Australia 

Zahari Zlatev National Environmental Research Institute,

Denmark 

Xiaodong  Zhang     College of William and Mary, USA 

Yu Zhuang Texas Technical University, USA 

Weimin Zheng Tsinghua University, P. R. China 

Bingbing Zhou Deakin University, Australia 

Wanlei Zhou Deakin University, Australia 

Hans Zima 

Jet Propulsion Laboratory, California 

Institute of Technology 

and University of Vienna, Austria 

Albert Y. Zomaya University of Sydney, Australia 

 

 

 

                    List of Reviewers: 
 
Rocco Aversa, Alessandra Budillon, Fan Chan, Yanqing Ji,  

Hai Jiang, Hai Jin, Dora B. Heras, Sascha Hunold,  

Guan-Joe Lai, Lidong Lin, Man Lin, John O'Donnell, 

Zina Ben Miled, Gennadiy Nikishkov, Chang Woo Pyo,  

Xiangzhen Qiao, Arno Rasch, Gianmarco Romano,  

Robert R. Roxas, Gianpaolo Saggese, Erich Schikuta,  

Stanislav G. Sedukhin, Emil Slusanschi, Oliviero Talamo,  

Yuichi Tsujita, Tu Wanqing, Alexander P. Vazhenin,  

Andre Vehreschild, Salvatore Venticinque, John Walters,  

Bo-Wen Wang, Guojun Wang, Jiahong Wang, Andreas Wolf,  

Xingfu Wu, Yusaku Yamamoto, Rentaro Yoshioka,  Binbing Zhou,  

Jingyang Zhou, Dakai Zhu   

 

 



ADVANCED PROGRAM 
 

SEPTEMBER 27, 2003 
 
8:00-8:30 am Registration and Breakfast 
 
8:30-10:10 am 
Session 1: System Architectures (1)  
Session Chair: Javier Cuenca, Universidad de Murcia, Spain 
 
Utilization of the On-Chip L2 Cache Area in CC-NUMA Multiprocessors for Applications with a 
Small Working Set 
Sung Woo Chung, Hyong-Shik Kim and Chu Shik Jhon 
Samsung Electronics, Chungnam National University and Seoul National University, Korea 
  
Traditional versus Next-Generation Journaling File Systems: a Performance Comparison 
Approach   
Juan Piernas, Toni Cortes and Jose M. Garcia   
Universidad de Murcia and Universitat Politecnica de Catalunya, Spain 
 
Super-Fast Active Memory Operations-Based Synchronization   
Lixin Zhang, Zhen Fang, John B. Carter and Michael A. Parker, University of Utah, USA 
 
Dynamic Code Repositioning for Java 
Shinji Tanaka, Tetesuyasu Yamada, and Satoshi Shiraishi   
Network Service Systems Laboratories, NTT, Japan 
 
10:10-10:30 am Coffee Break 
 
10:30-12:10 am 
Session 2: Numerical Computations  
Session Chair: Minyi Guo, University of Aizu, Japan  
 
Designing Polylibraries to Speed Up Linear Algebra Computations   
Pedro Alberti, Pedro Alonso, Antonio Vidal, Javier Cuenca and Domingo Gimenez 
Universidad Politecnica de Valencia and Universidad de Murcia, Spain 
  
A Parallel Implementation of Multi-domain High-order Navier-Stokes Equations Using MPI   
Hui Wang, Yi Pan, Minyi Guo, Anu G. Bourgeois, Da-Ming Wei 
University of Aizu, Japan and Georgia State University, USA 
 
Developing an Object-oriented Parallel Iterative-Methods Library  
Chakib Ouarraoui and David Kaeli,  Northeastern University, USA 
 
A Super-Programming Techniques for Large Sparse Matrix Multiplication on PC Clusters   
Dejiang Jin and Sotirios G. Ziavras,  New Jersey Institute of Technology, USA 
 
12:10-1:30 pm Lunch Break 
 
1:30-3:10 pm 
Session 3: Scientific and Engineering Applications  
Session Chair: Javier Cuenca, Universidad de Murcia, Spain 
 
A Scene Partitioning Method for Global Illumination Simulations on Clusters 
M. Amor, J. R. Sanjurjo, E. J. Padron, A. P. Guerra and R. Doallo, University of da Coruna, Spain 
 
Efficient Scheduling for Low-Power High-Performance DSP Applications 
Zili Shao, Qingfeng Zhuge, Youtao Zhang, Edwin H.-M. Sha, University of Texas at Dallas, USA 
 
 
 



 
Robust Transmission of Wavelet Video Sequence Using Intra Prediction Coding Scheme 
Joo-Kyong Lee, Ki-Dong Chung,  Pusan National University, Korea 
 
A Novel Hierarchical Architecture for Communication Delay Enhancement in Large-Scale 
Information Systems 
Khaled Ragab, Naohiro Kaji, Khoirul Anwar, and Kinji Mori 
Tokyo Institute of Technology, Japan 
 
3:10-3:30 pm Coffee Break 
 
3:30-5:10 pm 
Session 4: Language and Computation Model 
Session Chair:  Hui Wang, University of Aizu, Japan 
 
Problems with Using MPI 1.1 and 2.0 as Compilation Targets for Parallel Language 
Implementations 
Dan Bonachea and Jason Duell, University of California at Berkeley, USA 
 
Fast Parallel Solution For Set-Packing and Clique Problems by DNA-based Computing 
Michael (Shan-Hui) Ho, Weng-Long Chang, Minyi Guo, and Laurence Tianruo Yang 
Southern Taiwan University of Technology, Taiwan, University of Aizu, Japan  
and St. Francis Xavier University, Canada 
 
HPM: A Hierarchical Model for Parallel Computations 
Xiangzhen Qiao, Shuqing Chen et al. 
Institute of Computing Technology, Chinese Academy of Sciences, P. R. China 
   
A Visual Environment for Specifying Global Reduction Operations 
Robert R. Roxas and Nikolay N. Mirenkov, University of Aizu, Japan 
 
 
 

SEPTEMBER 28, 2003 
 
8:30-10:10 am 
Session 5: System Architectures (2) 
Session Chair: Minyi Guo, University of Aizu, Japan  
 
VLaTTe: A Java Just-in-Time Compiler for VLIW with Fast Scheduling and Register Allocation 
Suhyun Kim, Soo-Mook Moon, Kemal Ebcioglu and Erik Altman  
Seoul National University, Korea and IBM T. J. Watson Research Center, USA 

 
Speeding-up Multiprocessors Running DSS Workloads through Coherence Protocols 
Pierfrancesco Foglia, Roberto Giorgi, Cosimo Antonio Prete 
Universita’ di Pisa, Italy 
 
Toward Optimization of OpenMP Codes for Synchronization and Data Reuse 
Tien-hsiung Weng and Barbara Chapman, University of Houston, USA 
 
Hierarchical Interconnection Networks Based on (3, 3)-Graphs for Massively Parallel Processors 
Gene Eu Jan, Yuan-Shin Hwang, Chung-Chih Luo and Deron Liang 
National Taiwan Ocean University, Taiwan 
 
10:10-10:30 am Coffee Break 
 
10:30-12:35 am 
Session 6: Distributed Computing  
Session Chair: Pierfrancesco Foglia, Universita’ di Pisa, Italy 
 
 
 



 
High System Availability Using Neighbor Replication on Grid 
M. Mat Deris, A.Noraziah, M.Y. Saman, A.Noraida and Y.W.Yuan 
University College Terengganu, Malaysia 
 
MPICH-GF: Transparent Checkpointing and Rollback-Recovery for Grid-enabled MPI Processes 
Namyoon Woo, Heon Y. Yeom and Taesoon Park 
Seoul National University and Sejong University, Korea 
  
Omega Line Problem in a Consistent Global Recovery Line 
MaengSoon Baik, SungJin Choi, JoonMin Gil, ChanYeol Park, HyunChang Yoo and ChongSun 
Hwang 
Korea University and Korea Institute of Science and Technology Information, Korea 
 
A Lightweight P2P Extension to ICP 
Ping-Jer Yeh, Yu-Chen Chuang, and Shyan-Ming Yuan 
National Chiao Tung University and Macronix International Co., Ltd, Taiwan 
 
Comparative Analysis of the Prototype and the Simulator of a New Load Balancing Algorithm for 
Heterogeneous Computing Environments 
Rodrigo F. De Mello, Luis C. Trevelin, Maria Stela V. De Paiva et al. 
University of São Paulo and Federal University of São Carlos, Brazil 
 
 
 
  
 



 
 
 
 
 
 
 
 
 
 
 
 

Session 1: System Architectures (1) 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



1
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Abstract
In CC-NUMA multiprocessor systems, it is important to reduce the remote memory access time.

Based upon the fact that increasing the size of the LRU second-level (L2) cache more than a certain
value does not reduce the cache miss rate significantly, in this paper, we propose two split L2 caches
to utilize the surplus of the L2 cache. The split L2 caches are composed of a traditional LRU cache
and another cache to reduce the remote memory access time. Both work together to reduce total L2
cache miss time by keeping remote (or long-distance) blocks as well as recently used blocks. For
another cache, we propose two alternatives : an L2-RVC (Level 2 - Remote Victim Cache) and an L2-
DAVC (Level 2 - Distance-Aware Victim Cache). The proposed split L2 caches reduce total execution
time by up to 27%. It is also found that the proposed split L2 caches outperform the traditional single
LRU cache of double size.

Keywords : CC-NUMA, Cache Replacement Policy, On-Chip Cache, Split L2 Cache, Remote Victim
Cache, Distance-Aware Cache, Interconnection Network

1. Introduction
Most processors heavily rely on the cache to reduce the average memory access time. There have

been many studies on reducing the average cache access time, which depends not only on the cache
miss rate, but also on the cache miss penalty. Increasing the cache block size and prefetching the
cache block were proposed to reduce the cache miss rate, while the non-blocking cache, the critical
word first cache, and the cache hierarchy were proposed to alleviate the cache miss penalty. By
inserting the second level (L2) cache between the first level (L1) cache and memory, which is called
cache hierarchy, we could capture many accesses that would go out to memory otherwise. Another
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advantage of cache hierarchy is to allow the small first level (L1) cache to keep up with the clock
frequency of a processor.

A current trend in the design of the L2 cache is an increase of associativity and capacity. As the
associativity of the L2 cache increases to 4 or even 8, the replacement of blocks in the cache becomes
an important issue for the overall performance. The LRU replacement algorithm has been known to
work moderately well with caches. With the LRU replacement policy, however, an increase over a
certain value in cache size does not reduce the cache miss rate much. As shown in [1], with LRU
cache replacement policy in 32 processor systems, increasing the cache size over 256 KB does not
reduce cache miss rate much in most SPLASH-2 applications. They observe knees around the cache
size of 256 KB in most application programs. It means that the memory access patterns are not helpful
when the cache size is larger than 256 KB cache with most of the SPLASH-2 applications.

The L1 cache size is generally limited to catch up with a processor clock. On the other hand, the L2
cache is large enough to reduce the L1 cache miss penalty. How can we utilize the increasing capacity
in L2 cache if 256 KB is sufficient for the applications? In fact, the sufficient capacity could be
512KB, 1MB or more in the applications. However, there would be limits to performance
enhancement with the LRU cache (we will use the term “LRU cache” to indicate the LRU cache in
the second level exclusively for the sake of clear understanding, even though the L1 also runs an LRU
replacement policy) of more than a certain capacity. If increasing the L2 cache size does not increase
the cache hit rate significantly in the processors of the multiprocessor systems, how do we make use
of the surplus of the L2 cache?

In a multiprocessor system, higher cache hit rate does not necessarily mean better performance.
Completing a local memory block miss does not depend on the transmission latency on the
interconnection network, while completing a remote memory block does. Thus the average cache miss
time can be reduced by the remote cache [7] or the RVC [5, 6] even though it does not reduce the
cache miss rate.

There have been several studies to reduce the remote memory access time and traffic on the
interconnections by inserting an additional cache. The remote cache, which only stores the remote
data, was proposed [7]. R. Iyer and L.N. Bhuyan introduced Switch Cache [8]. The main idea was to
implement small fast caches in crossbar switches of the interconnect to capture and store shared data
as they flow from the memory module to the requesting processor. A. Moga and M. Dubois proposed
the SRAM network cache at the outside of the processor [5], which is organized as a victim cache for
remote data. The major appeal of SRAM network caches is that they add less penalty on the latency of
the RVC hits. The mentioned works were targeted at reducing the average cache miss time by
reducing the remote memory access time. The RVC was already proposed in [5, 6]. Different from the
organization of the RVC in [5, 6], the L2-RVC in this study is located in the second level and is not
shared by multiple processors.

There also have been studies on the split cache. The split L1 data cache in the uniprocessor systems
was proposed by A. Gonzalez et.al [9]. Their split cache consists of the cache for the spatial locality
and the cache for the temporal locality. The former is a traditional cache based on the LRU
replacement policy. The latter behaves as a victim cache, which only stores the recently used block of
the total cache line and also runs the LRU replacement policy. The split L1 data cache in the
multiprocessor systems was also evaluated [10]. Their split caches are based on the LRU replacement
policy, resulting in the reduction of the cache miss rate.

In this paper, we propose a split L2 cache, composed of an LRU cache and another cache for the
multiprocessor systems. To reduce the remote memory access time, we suggest the RVC (Level 2 -
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Remote Victim Cache) and the L2-DAVC (Level 2 - Distance-Aware Victim Cache) for another
cache. Another cache keeps remote (or long-distance) victim blocks, though they are needed even far
in future. The L2-RVC or the L2-DAVC operates just like a victim cache proposed by Jouppi [7],
since it keeps blocks that were discarded by the LRU cache. However, it differs from the original
victim cache in a sense that it is as large as its victim-provider (LRU cache) and that it is
simultaneously accessed with its victim-provider.

In the next section, we describe the structure of the proposed L2 cache in detail. Section 3 explains
the simulation methodology with the application programs used in our simulations and examines the
simulation results. Section 4 concludes the paper.

2. Split L2 cache structure
Figure 1 shows a block diagram of the memory hierarchy with the cache hierarchy emphasized. A

split L2 cache is composed of an LRU cache and another cache, which behaves just like a victim
cache of the LRU cache. The LRU cache that runs the LRU replacement policy still favors recently
used blocks, while another cache keeps remote (or long-distance) blocks. Another cache is yet another
set-associative cache simultaneously accessed with the LRU cache. In order to utilize the temporal
locality, the LRU cache is still needed in the second level of the cache hierarchy. Since the block
evicted from the L1 cache is sent to the L2 cache of the same node, we only have to consider the
cache miss rate when selecting a victim in the L1 cache. Only when a block is replaced in the L2
cache, we have to consider the cache miss time as well as the cache miss rate.

Figure 1. Block diagram of the memory hierarchy with the split L2 cache
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In a traditional two-level cache hierarchy, all cache blocks of the L1 cache are included in the L2
cache. This inclusion property makes it easy to maintain the memory hierarchy; however, it wastes
cache capacity by duplicating data. We do not maintain the inclusion property between the L1 cache
and the L2 cache as [3, 12, 13, 14]. Instead, we keep a duplicate copy of the tags and the states of the
L1 cache in the L2 cache controllers. Since the advantages and the disadvantages of inclusion
property is already described in [3, 12] and the inclusion property was not maintained in many off-the-
shelf processors such as Intel Xeon [14] and Alpha 21264 [13], we do not explain the efficiency of
inclusion property any more in this paper.

We propose the L2-RVC and the L2-DAVC for another cache. The L2-RVC contains only remote
blocks and it uses the LRU replacement policy to find a victim among the remote blocks. Accordingly,
a remote block of the L2-RVC can be evicted not by a local block, but by another remote block only.
Thus, in the total L2 cache, the total number of remote blocks should be substantial compared to that
of local blocks. Hence, the proposed L2 cache is expected to reduce the total cache miss time by
reducing the cache miss rate of the very remote blocks.

The other choice for another cache is the L2-DAVC. The L2-DAVC does not use the LRU
replacement policy. Instead, it runs the shortest distance replacement policy, in which the block whose
home node is shortest is replaced first. If more than one block in a set has the same distance, the
victim is chosen randomly among them. The problem of the L2-DAVC is that the block whose
distance between the home node and the current node is farthest may reside in the L2-DAVC for quite
a long time. Nevertheless, as the L2-DAVC is combined with the LRU cache, there is still a high
probability of recently used blocks being kept. This means that the recently used blocks are not
sacrificed for the L2-DAVC.
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Figure2. Operations of the LRU/another cache
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Upon a cache miss in the L1 cache, the cache controller accesses the LRU cache and another at the
same time. As far as the cache miss is concerned, we have four cases shown in Figure 2, excluding an
L2 coherence miss. When a block is not found in the L1 cache but it is in the LRU cache (case a), a
victim of the L1 cache is moved to the LRU cache, which may make another victim there and the
found block is used to fill the empty L1 cache block. In the case that another cache is the L2-RVC, the
possible new victim, if it is a remote block, is replaced into the L2-RVC. If it is a local block, the
possible new victim is evicted to the local memory because the L2-RVC stores only remote blocks. In
the case that another cache is the L2-DAVC, the possible new victim is compared with the cache
blocks in the appropriate set of the L2-DAVC and the block of the shortest distance is replaced which
lets the L2-DAVC store local blocks. When the L1 missed block is found in another cache (case b),
the victim of the L1 cache is replaced into the LRU cache. The subsequent replacements are same as
(case a). If the block is not found in either the LRU cache or another cache (case c), the cache
controller sends a memory access request to either the local memory or interconnection. Because of
no-inclusion property, an L1 cache miss, which can not be resolved either in the LRU cache or in
another cache, should be filled directly from local memory or interconnection without allocating a
block in the LRU cache or another cache. The subsequent replacements are same as (case a).

In case of an L1 cache coherence miss (case d), an invalidation is issued. We omit the operation of
an L2 cache coherence miss, which is a combination of the L1 cache coherence miss and the L2 cache
hit.

3. Simulations
3.1 Simulation environments

Increasing the cache size over 256 KB does not increase the cache hit rate much in most of
SPLASH-2 applications, as shown in [1]. They observed knees around the cache size of 256 KB in
most application programs. We admit that 256 KB may not be sufficient in other applications. 256 KB
is just a sample value for SPLASH-2 applications. In this section we show the impact of the split L2
cache when 256 KB is sufficient for the LRU portion of the L2 cache.

We use an execution-driven simulator to evaluate the performance of the split L2 cache. The
simulator is modified from MINT [4]. MINT executes each instruction in one simulation cycle and
sends the events generated by memory operations to the architecture simulator, which then performs
the operations necessary to simulate the system architecture.

Table 1. System parameters

Parameter Value
Number of processors 16, 32
Cache line size 32 B
Size of L1 cache 64 KB
L1 cache access time 1 processor clock
L2 cache access time 6 processor clocks
Memory access time 50 processor clocks
Directory (SRAM)

access time
20 processor clocks

Transfer delay between
adjacent nodes of the ring

64 processor clocks
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The system parameters are shown in Table 1. The simulated systems are CC-NUMA
multiprocessors with 16 or 32 nodes. Each node has a processor with its associated caches and a
memory. When the L2 cache is only composed of the LRU cache, it is 8-way set associative. Recall
that there is no inclusion between the LRU cache and another cache. Accordingly, to make a fair
comparison, we assume that the LRU cache and another cache are all 4-way set associative in the split
L2 cache. We assume the point-to-point link delay from NUMALinks, which are used in SGI Origin
3000 [11]. Thus, the transfer delay between adjacent nodes on the ring is 64 processor clocks which is
obtained by (60 processor clocks (= 20ns = 32B/(1.6GB/s)) + 4 processor clocks (store-and-forware
delay)) with 1.6GB/s unidirectional point-to-point links, 32B cache line size, and 3GHz processor
clock speed. We maintain a 2-bit state field per cache block, corresponding to the MSI protocol,
which is modified from a typical MESI protocol. The simulated system interconnects nodes by dual-
ring style point-to-point links, using a full map directory protocol. We took eight applications –
BARNES, CHOLESKY, FFT, FMM, LU, OCEAN, RADIX and WATER-NSQUARED from the
SPLASH-2 benchmark suite [1]. The characteristics of the selected applications are summarized in
Table 2.

3.2 Simulation results
First, we show the simulation results when another cache is the L2-RVC. We assume that LRU + X

means that the L2 cache is composed of an LRU cache and another cache is X. We also compare the
performance of the LRU + L2-RVC to that of the LRU + L2-DAVC.

To avoid possible confusion, we first introduce some definitions. Pure transmission time on the
interconnection network, excluding the delay due to any shortage of resources, is called,
“Transmission time on the interconnection network”. Waiting time for the resources on the
interconnection network is called, “Delay on the interconnection network”. A notation of X / Y is
used, where X and Y are the size of the LRU cache and that of the L2-RVC or of the L2-DAVC,
respectively

Application Type Problem Size
BARNES Barnes-Hut hierarchical N-body method 16K particles
CHOLESKY Block sparse Cholesky factorization Tk15.O
FFT FFT computation 65536 complex doubles

FMM
Hierarchical N-body method called adaptive fast
multipole method

16K particles

LU Blocked dense linear algebra
512X512 matrix, block
16

OCEAN Study of ocean movements 258X258 ocean grid

RADIX Radix sort
2M integer key, radix
1K

WATER-
NSQUARED

Water simulation using O(n2) algorithm 512 molecules

Table 2. The characteristics of the applications
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We assume that the execution time is composed of CPU time, L2 cache access time, directory
access time, memory access time, transmission time on the interconnection network, and delay on the
interconnection network.

There are two important factors we must observe to evaluate the impact of the split L2 cache on the
execution time. One is the L1 cache hit rate, shown in Table 3, and the other is the hit count at another
cache. A low L1 cache hit rate makes the L2 cache handle many cache operations. Many hits at
another cache mean that remote misses (with the L2-RVC) or long-distance misses (with the L2-
DAVC) are effectively removed (or replaced by local misses). If we could have many hits at another
cache with a low L1 hit cache rate, the impact should be significant.

Applications P=16 P=32
BARNES 0.993 0.993
CHOLESKY 0.965 0.958
FFT 0.971 0.973
FMM 0.993 0.993
LU 0.985 0.992
OCEAN 0.948 0.965
RADIX 0.987 0.986
WATER-NSQUARED 0.999 0.998

Table 3. L1 cache hit rate as to the number of processors in the system

3.2.1 LRU + L2-RVC
In the first simulations, we examine the impact of another cache size by varying the size of the L2-

RVC. Figure 3 and Figure 4 show the L2 cache hit rate and the normalized execution time for the 16
processor system, respectively. (Figure 3~6 is shown at the end of this paper. We will resize the figures
and allocate them at appropriate position when accepted) Note that the hits at the LRU cache can be
assumed to be the same as the hits of 256KB traditional L2 cache.

BARNES, FMM, LU, and WATER-NSQUARED have very high L1 cache hit rates as shown in
Table 3 and have relatively high L2 cache hit rates, as shown in Figure 3. There is little difference
among the cache hit rates of the 256KB, 512KB, and 1MB traditional L2 caches. Thus, adopting the
split L2 cache in these applications brings performance enhancements all the time, since there is little
gain of the L2 hit rate from increasing the size of the LRU cache. Even though the split L2 cache hit
rate is low, it is capable of reducing much more execution times than the traditional L2 cache since
remote block misses cost more than local block misses do. As shown in Figure 4, any combination of
the split L2 caches outperforms the 512KB traditional L2 cache and even outperforms the 1MB
traditional cache with the above applications. Except FMM, it seems that 64KB is sufficient for the
L2-RVC.

Radix also has a high L1 cache hit rate. As shown in Figure 3, however, the difference between the
hit rate of 256KB LRU cache and that of the 512K LRU cache is outstanding. While the L2 cache hit
rate of the 256K/64K(A notation of X / Y is used, where X and Y are the size of the LRU cache and
that of the L2-RVC, respectively) and that of the 256K/128K are remarkably low, the execution time
of the 256K/64K and that of the 256K/128K are not so different from that of the 512K traditional L2
cache. It is believed that the hits at the L2-RVC reduce the execution time more than the hits at the
LRU cache.
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It is very risky to use the L2-RVC with the applications such as FFT, OCEAN, and CHOLESKY,
in which there is much difference among the cache hit rates of the traditional L2 cache of 256KB,
512KB, and 1MB. However, if the gap between the cache hit rates is compensated by the L2-RVC,
the performance enhancement might be significant. Though there are few hits at the L2-RVC in
CHOLESKY, the degradation of the execution time is negligible since the local memory access is
dominant.

As the size of the L2-RVC increases, the hit rate of the LRU cache also increases linearly in FFT.
The improvement of the execution time is significant because the L2-RVC outperforms the LRU
cache in the L2 cache hit rate. In FFT, the increase of the L2-RVC significantly affects the execution
time because of a low L1 cache hit rate and a low L2 cache hit rate.

The result of OCEAN is similar to that of FFT. Due to the large working set, we need large L2-
RVC to compensate the low cache hit rate of the LRU cache. It is also the reason why OCEAN is the
only application where our split L2 cache does not outperform the 1M traditional LRU cache. The
results are still encouraging, nonetheless, in that the 256K/256K split L2 cache works better than the
same-size 512K traditional L2 cache in both cache hit rate and execution time.

Figure 5 and Figure 6 depict similar results when the number of processors is increased to 32. The
performance gains in Figure 6 are more than those in Figure 4. In case of OCEAN, 256K/512K L2
split cache finally outperforms the 1MB traditional L2 cache in the execution time. As the number of
processors increases, the maximum miss penalty and the average cache miss penalty tend to be
increased. It is possible, therefore, to reduce the execution time much more with 32 processors, since
the split L2 caches effectively reduce misses which may incur more penalties otherwise.

LRU cache size 512 KB 1 MB
Number of processors 16 32 16 32
BARNES 320 KB 320 KB 320 KB 320 KB
CHOLESKY 384 KB 512 KB 384 KB 512 KB
FFT 320 KB 320 KB 320 KB 320 KB
FMM 320 KB 320 KB 320 KB 320 KB
LU 320 KB 320 KB 320 KB 320 KB
OCEAN 320 KB 512 KB 1 MB 768 KB
RADIX 320 KB 320 KB 512 KB 320 KB
WATER-NSQUARED 320 KB 320 KB 320 KB 320 KB
Average (Required capacity to
perform not less than the LRU
cache %)

328 KB
(64.1%)

368 KB
(71.9 %)

440 KB
(43.0%)

400 KB
(39.1 %)

Table 4. Required capacity of the LRU + L2-RVC to outperform the traditional LRU cache

We investigate the efficiency of the proposed LRU+L2-RVC in Table 4 where the required capacity
of the LRU+L2-RVC to outperform the traditional LRU cache is presented. The LRU cache of the
LRU + L2-RVC is fixed to 256 KB in Table 4. We change the size of the L2-RVC not continuously
but discretely (64 KB, 128 KB, 256 KB, and 512 KB).

To surpass the 512 KB LRU cache, the required capacity of the LRU + L2-RVC is averagely just
328 KB (64.1 %) and 368 KB (71.9 %) in 16 processors and in 32 processors, respectively. When we
compare the LRU + L2-RVC to the 1 MB LRU cache, the efficiency of the LRU + L2-RVC is more
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prominent. On an average, only 440 KB (43.0 %) and 400 KB (39.1 %) are required to outperform the
1MB LRU cache, in 16 processors and in 32 processors, respectively.

3.2.2 LRU + L2-DAVC
Table 5 shows the L2 cache hit rates of 512 KB LRU cache, 1 MB LRU cache, LRU + L2-RVC

(256 KB/256 KB), and LRU+ L2-DAVC (256 KB/256 KB). The total size of the split L2 cache is
512KB. In the LRU + X, the size of the LRU cache and that of another X are half of total L2 cache
size. Table 6 shows the normalized execution time of 512 KB LRU cache, 1 MB LRU cache, LRU +
L2-RVC (256 KB/256 KB), and LRU+ L2-DAVC (256 KB/256 KB). All results, in Table 6, are
normalized to the 512KB LRU cache.

L2 cache
organization

LRU (512 KB) LRU (1 MB) LRU + L2-RVC LRU + L2-DAVC

Number of
Processors

16 32 16 32 16 32 16 32

BARNES 0.90 0.87 0.92 0.89 0.90 0.89 0.90 0.88
CHOLESKY 0.21 0.22 0.26 0.25 0.16 0.19 0.18 0.20
FFT 0.18 0.27 0.19 0.29 0.22 0.28 0.23 0.32
FMM 0.59 0.56 0.64 0.61 0.61 0.58 0.59 0.57
LU 0.90 0.76 0.91 0.77 0.91 0.77 0.90 0.77
OCEAN 0.74 0.79 0.88 0.86 0.72 0.81 0.69 0.80
RADIX 0.55 0.56 0.58 0.59 0.51 0.58 0.52 0.59
WATER-
NSQUARED

0.64 0.54 0.65 0.55 0.65 0.54 0.66 0.55

Table 5. L2 cache hit rate

In some applications such as CHOLESKY, FFT, RADIX and WATER-NSQUARED, the L2 cache
hit rates of the LRU + L2-DAVC are higher than those of the LRU + L2-RVC in 16 processors.
However, it does not lead to the significant reduction of the execution time. The reason is that the
distances between the nodes are so short that the differences in the execution time between the L2-
RVC and L2-DAVC are little. Also in the case that the L2 cache hit rate of the LRU + L2-DAVC is
lower than that of the LRU + L2-RVC in 16 processors, the differences of the execution time are little
in all the applications except OCEAN. In OCEAN, the difference between the L2 hit rate of the LRU
+ L2-DAVC and that of the LRU + L2-RVC is large, resulting in much difference in execution time.

L2 cache
organization

LRU (512 KB) LRU (1 MB) LRU + L2-RVC LRU + L2-DAVC

Number of
Processors

16 32 16 32 16 32 16 32

BARNES 1.00 1.00 0.99 0.98 0.96 0.94 0.97 0.94
CHOLESKY 1.00 1.00 0.99 1.00 0.95 0.97 0.98 1.03
FFT 1.00 1.00 0.99 0.94 0.74 0.78 0.74 0.73
FMM 1.00 1.00 0.99 0.97 0.92 0.87 0.93 0.88
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LU 1.00 1.00 0.98 0.99 0.89 0.84 0.91 0.84
OCEAN 1.00 1.00 0.55 0.69 0.81 0.82 0.95 0.80
RADIX 1.00 1.00 0.96 0.95 0.86 0.76 0.86 0.75
WATER-
NSQUARED

1.00 1.00 1.00 1.00 0.98 0.94 0.98 0.94

Table 6. Normalized execution time

In OCEAN, the L2 cache hit rate of the LRU + L2-DAVC is lower than that of the LRU + L2-RVC
in the 32 processor system. However, the execution time of the LRU + L2-DAVC is less than that of
the LRU + L2-RVC, though the difference is not so large. This means that total hit counts at the L2-
DAVC are less than those at the L2-RVC but the total miss time at the L2-DAVC is less than that at
the L2-RVC.

Strangely, though the L2 cache hit rate of the LRU + L2-DAVC is more than that of the LRU + L2-
RVC in CHOLESKY, the execution time of the LRU + L2-DAVC is more than that of the LRU + L2-
RVC. Recall that the LRU + L2-DAVC can contain the local blocks, while the LRU + L2-RVC only
contains the remote blocks. In CHOLESKY, the accesses to the local block are frequent. Thus, in
CHOLESKY, the hits at the L2-DAVC do not reduce the remote memory access time but reduce the
local memory access time, which causes the unexpected results.

The increase of the number of processor leads to the increase of the distances between the nodes. In
the simulations, the L2-DAVC leads to only small reduction in the execution time. With more
processors, the LRU + L2-DAVC is expected to outperform the LRU + L2-RVC since the LRU + L2-
DAVC contains the blocks whose distances between the home node and the current node are long.

4. Conclusions and future work
For CC-NUMA multiprocessor systems, we have proposed two alternatives on split L2 caches : the

LRU + L2-RVC and the LRU + L2-DAVC. The proposed split L2 caches are believed to improve the
performance by keeping remote (or long-distance) blocks as well as recently used blocks.

The execution time with the split L2 cache decreases by up to 27%, compared to the traditional
non-split L2 cache of the same size. We found, moreover, the 512KB split L2 cache could outperform
the double size (1MB) traditional L2 cache in most applications. It is encouraging that the LRU + L2-
DAVC performs better than the LRU + L2-RVC as the number of processor increases. It is expected
that the LRU + L2-DAVC performs much better than the LRU + L2-RVC with more number (64 or
128) of processors.

In summary, we conclude that the surplus L2 cache area could be effectively utilized by adopting
our split cache organizations for CC-NUMA multiprocessors. The reason that we compare the
proposed split caches with the traditional LRU cache is to make sure that we could utilize the
surplus L2 cache area to enhance the performance without any additional off-chip cache.

We agree that the values of the L2 cache sizes such as 256KB, 512KB, or 1MB are not determinate
since we restrict the simulations to the SPLASH-2 applications. We also admit that the proposed split
caches may degrade the system performance when cache size is too small to run the application.
However, when increasing the LRU cache does not improve the total system performance, the
proposed split caches could be relied on as an alternative solution of providing multiprocessor
systems with good scalability.
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Figure 3. L2 cache hit rate (16 processors)
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Figure 3. L2 cache hit rate (16 processors) - continued
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Figure 4. Normalized execution time (16 processors)
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Figure 4. Normalized execution time (16 processors) -continued
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Figure 5. L2 cache hit rate (32 processors)
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Figure 5. L2 cache hit rate (32 processors) - continued
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Figure 6. Normalized execution time (32 processors)
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Figure 6. Normalized execution time (32 processors) - continued
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Abstract

DualFS is a next-generation journaling file system which
has the same consistency guaranties as traditional journal-
ing file systems but better performance. This paper sum-
marizes the main features of DualFS, introduces three new
enhancements which significantly improve DualFS perfor-
mance during normal operation, and presents different ex-
perimental results which compare DualFS and other tradi-
tional file systems, namely, Ext2, Ext3, XFS, JFS, and Reis-
erFS. The experiments carried out cover a wide range of
cases, from microbenchmarks to macrobenchmarks, from
desktop to server workloads. As we will see, these exper-
iments not only show that DualFS has the lowest I/O time
in general, but also that it can remarkably boost the overall
system performance for many workloads (up to 98%).

1 Introduction

High-performance computing environments rely on several
hardware and software elements to fulfill their jobs. Al-
though some environments require specialized elements,
many of them use off-the-shelf elements which must have
a good performance in order to accomplish computing jobs
as quickly as possible.

A key element in these environments is the file system.
File systems provide a friendly means to store final and par-
tial results, from which it is even possible to resume a failed
job because of a system crash, program error, or whatever
other fail. Some computing jobs require a fast file system,
others a quickly-recoverable file system, and other jobs re-
quire both features.

DualFS [16] is a new concept of journaling file system
which is aimed at providing both good performance and
fast consistency recovery. DualFS, like other file systems
[5, 7, 8, 18, 24, 28], uses a meta-data log approach for

�
This work has been supported by the Spanish Ministry of Science and

Technology and the European Union (FEDER funds) under the TIC2000-
1151-C07-03 and TIC2001-0995-C02-01 CICYT grants.

fast consistency recovery, but from a quite different point of
view. Our new file system separates data blocks and meta-
data blocks completely, and manages them in very different
ways. Data blocks are placed on the data device (a disk
partition) whereas meta-data blocks are placed on the meta-
data device (another partition in the same disk). In order to
guarantee a fast consistency recovery after a system crash,
the meta-data device is treated as a log-structured file sys-
tem [18], whereas the data device is divided into groups
in order to organize data blocks (like other file systems do
[4, 8, 13, 24, 27]).

Although the separation between data and meta-data is
not a new idea [1, 15], this paper introduces a new version
of DualFS which proves, for the first time, that that sepa-
ration can significantly improve file systems’ performance
without requiring several storage devices, unlike previous
proposals.

The new version of DualFS has several important im-
provements with respect to the previous one [16]. First of
all, DualFS has been ported to the 2.4.19 Linux kernel. Sec-
ondly, we have greatly changed the implementation and re-
moved some important bottlenecks. And finally, we have
added three new enhancements which take advantage of the
special structure of DualFS, and significantly increase its
performance. These enhancements are: meta-data prefetch-
ing, on-line meta-data relocation, and directory affinity.

The resultant file system has been compared with Ext2
[4], Ext3 [27], XFS [22, 24], JFS [8], and ReiserFS [25],
through an extensive set of benchmarks, and the experimen-
tal results achieved not only show that DualFS is the best
file system in general, but also that it can remarkably boost
the overall system performance in many cases.

The rest of this paper is organized as follows. Section 2
summarizes the main features of DualFS, and introduces
the three new enhancements. In Section 3, we describe
our benchmarking experiments, whose results are shown in
Section 4. We conclude in Section 5.

1



2 DualFS

In this section we summarize the main features of DualFS,
and describe the three enhancements that we added to the
new version of DualFS analyzed in this paper.

2.1 Design and Implementation

The key idea of our new file system is to manage data and
meta-data in completely different ways, giving a special
treatment to meta-data [16]. Meta-data blocks are located
on the meta-data device, whereas data blocks are located on
the data device (see Figure 1).

Note that just separating meta-data blocks from data
blocks is not a new idea. However, we will show that
that separation, along with a special meta-data manage-
ment, can significantly improve performance without re-
quiring extra hardware (previous proposals of separation of
data and meta-data, such as the multi-structured file sys-
tem [15], and the interposed request routing [1], use several
storage devices). In our experiments, the data device and
the meta-data device will be two adjacent partitions on the
same disk. This is equivalent to having a single partition
with two areas: one for data blocks and another for meta-
data blocks.

Data Device

Data blocks of regular files are on the data device, where
they are treated as many Unix file systems do. The data de-
vice only has data blocks, and uses the concept of group of
data blocks (similar to the cylinder group concept) in order
to organize data blocks (see Figure 1). Grouping is per-
formed in a per directory basis, i.e., data blocks of regular
files in the same directory are in the same group (or in near
groups if the corresponding group is full).

From the file-system point of view, data blocks are not
important for consistency, so they are not written syn-
chronously and do not receive any special treatment, as
meta-data does [8, 20, 24, 28]. However, they must be taken
into account for security reasons. When a new data block
is added to a file, DualFS writes it to disk before writing
its related meta-data blocks. Missing out this requirement
would not actually damage the consistency, but it could po-
tentially lead to a file containing a previous file’s contents
after crash recovery, which is a security risk.

Meta-data Device

Meta-data blocks are in the meta-data device which is orga-
nized as a log-structured file system (see Figure 1). It is im-
portant to clarify that as meta-data we understand all these

items: i-nodes, indirect blocks, directory “data” blocks,
and symbolic link “data” blocks. Obviously, bitmaps, su-
perblock copies, etc., are also meta-data elements.

Our implementation of log-structured file system for
meta-data is based on the BSD-LFS one [19]. However,
it is important to note that, unlike BSD-LFS, our log does
not contain data blocks, only meta-data ones. Another dif-
ference is the IFile. Our IFile implementation has two
additional elements which manage the data device: the
data-block group descriptor table, and the data-block group
bitmap table. The former basically has a free data-block
count and an i-node count per group, while the latter indi-
cates which blocks are free and which are busy, in every
group.

DualFS writes dirty meta-data blocks to the log every
five seconds and, like other journaling systems, it uses the
log after a system crash to recover the file system consis-
tency quickly from the last checkpoint (checkpointing is
performed every sixty seconds). Note, however, that one
of the main differences between DualFS and current jour-
naling file systems [5, 24, 28] is the fact that DualFS only
has to write one copy of every meta-data block. This copy
is written in the log, which is used by DualFS both to read
and write meta-data blocks. In this way, DualFS avoids a
time-expensive extra copy of meta-data blocks. Further-
more, since meta-data blocks are written only once and
in big chunks in the log, the average write request size is
greater in DualFS than in other file systems where meta-
data blocks are spread. This causes less write requests and,
hence, a greater write performance [16].

Finally, it is important to note that our file system is con-
sidered consistent when information about meta-data is cor-
rect. Like other approaches (JFS [8], SoftUpdates [14],
XFS [24], and VxFS [28]), DualFS allows some loss of data
in the event of a system crash.

Cleaner

Since our meta-data device is a log-structured file system,
we need a segment cleaner for it. Our cleaner is started
in two cases: (a) every 5 seconds, if the number of clean
segments drops below a specific threshold, and (b) when
we need a new clean segment, and all segments are dirty.

At the moment our attention is not on the cleaner, so
we have implemented a simple one, based on Rosenblum’s
cleaner [18]. Despite its simplicity, this cleaner has a very
small impact on DualFS performance [16].

2.2 Enhancements

Reading a regular file in DualFS is inefficient because data
blocks and their related meta-data blocks are a long way

2



GROUP 2GROUP 1 GROUP N−3 GROUP N−1GROUP N−2GROUP 0 SEGMENT 0 SEGMENT K−1SEGMENT 1

Writes in the log

DATA DEVICE META−DATA DEVICE

Superblock

DISK

Superblock

Figure 1: DualFS overview. Arrows are pointers stored in segments of the meta-data device. These pointers are numbers of blocks in
both the data device (data blocks) and the meta-data device (meta-data blocks).

from each other, and many long seeks are required.
In this section we present a solution to that prob-

lem, meta-data prefetching, a mechanism to improve that
prefetching, on-line meta-data relocation, and a third mech-
anism to improve the overall performance of data opera-
tions, directory affinity.

Meta-data Prefetching

A solution to the read problem in DualFS is meta-data
prefetching. If we are able to read a lot of meta-data blocks
of a file in a single disk I/O operation, then disk heads will
stay in the data zone for a long time. This will eliminate
almost all the long seeks between the data device and the
meta-data device, and it will produce bigger data read re-
quests.

The meta-data prefetching implemented in DualFS is
very simple: when a meta-data block is required, DualFS
reads a group of consecutive meta-data blocks from disk,
where the meta-data block required is. Prefetching is not
performed when the meta-data block requested is already
in memory. The idea is not to force an unnecessary disk I/O
request, but to take advantage of a compulsory disk-head
movement to the meta-data zone when a meta-data block
must be read, and to prefetch some meta-data blocks then.
Since all meta-data blocks prefetched are consecutive, we
also take advantage of the built-in cache of the disk drive.

But, in order to be efficient, our simple prefetching re-
quires some kind of meta-data locality. The DualFS meta-
data device is a log where meta-data blocks are sequentially
written in chunks called “partial segments”. All meta-data
blocks in a partial segment have been created or modified at
the same time. Hence, some kind of relationship between
them is expected. Moreover, many relationships between
meta-data blocks are due to those meta-data blocks belong-
ing to the same file (e.g., indirect blocks). This kind of tem-
poral and spatial meta-data locality presents in the DualFS

log is which makes our prefetching highly efficient.
Once we have decided when to prefetch, the next step is

to decide which and how many meta-data blocks must be
prefetched. This decision depends on the meta-data layout
in the DualFS log, and this layout, in turn, depends on the
meta-data write order.

In DualFS, meta-data blocks belonging to the same file
are written to the log in the following order: “data” blocks
(of directories and symbolic links), simple indirect blocks,
double indirect blocks, and triple indirect blocks. Further-
more, “data” blocks are written in inverse logical order.
Files are also written in inverse order: first, the last modi-
fied (or created) file, and last, the first modified (or created)
file. Note that the important fact is not that the logical order
is “inverse”; which is important is the fact that the logical
order is “known”.

Taking into account all the above, we can see that the
greater part of the prefetched meta-data blocks must be just
before the required meta-data block. However, since some
files can be read in an order slightly different to the one in
which they were written, we must also prefetch some meta-
data blocks which are located after the requested meta-data
block.

Finally, note that, unlike other prefetching methods [10,
11], DualFS prefetching is I/O-time efficient, that is, it does
not cause extra I/O requests which can in turn cause long
seeks. Also note that our simple prefetching mechanism
works because it takes advantage of the unique features of
our meta-data device.

On-line Meta-data Relocation

The meta-data prefetching efficiency may deteriorate due to
several reasons:

� files are read in an order which is very different from
the order in which they were written.

3



� the read pattern can change over the course of the time.

� file-system aging.

An inefficient prefetching increases the number of meta-
data read requests and, hence, the number of disk-head
movements between the data zone and the meta-data zone.
Moreover, it can become counterproductive because it can
fill the buffer cache up with useless meta-data blocks. In
order to avoid prefetching degradation (and to improve its
performance in some cases), we have implemented an on-
line meta-data relocation mechanism in DualFS which in-
creases temporal and spatial meta-data locality.

The meta-data relocation works as follows: when a meta-
data element (i-node, indirect block, directory block, etc.)
is read, it is written in the log like any other just modified
meta-data element. Note that it does not matter if the meta-
data element was already in memory when it was read or if
it was read from disk.

Meta-data relocation is mainly performed in two cases:

� when reading a regular file (its indirect blocks are re-
located).

� when reading a directory (its “data” and indirect
blocks are relocated).

This constant relocation adds more meta-data writes.
However, meta-data writes are very efficient in DualFS be-
cause they are performed sequentially and in big chunks.
Therefore, it is expected that this relocation, even when very
aggressive, does not increase the total I/O time significantly.

Since a file is usually read in its entirety [2], the meta-
data relocation puts together all meta-data blocks of the file.
The next time the file is read, all its meta-data blocks will
be together, and the prefetching will be very efficient.

The meta-data relocation also puts together the meta-data
blocks of different files read at the same time (i.e., the meta-
data blocks of a directory and its regular files). If those
files are also read later at the same time, and even in the
same order, the prefetching will work very well. This as-
sumption in the read order is made by many prefetching
techniques [10, 11]. It is important to note that our meta-
data relocation exposes the relationships between files by
writing together the meta-data blocks of the files which are
read at the same time. Unlike other prefetching techniques
[10, 11], this relationship is permanently recorded on disk,
and it can be exploited by our prefetching mechanism after
a system restart.

This kind of on-line meta-data relocation is in a sense
similar to the work proposed by Jeanna N. Matthews et al.
[12]. They take advantage of cached data in order to reduce
cleaning costs. We write recently read and, hence, cached

meta-data blocks to the log in order to improve meta-data
locality and prefetching. They also propose a dynamic re-
organization of data blocks to improve read performance.
However, that reorganization is not an on-line one, and it is
more complex than ours.

Finally, we must explain an implicit meta-data relocation
which we have not mentioned yet. When a file is read, the
access time field in its i-node must be updated. If several
files are read at the same time, their i-nodes will also be
updated at the same time, and written together in the log. In
this way, when an i-node is read later, the other i-nodes in
the same block will also be read. This implicit prefetching
is very important since it exploits the temporal locality in
the log, and can potentially reduce file open latencies, and
the overall I/O time. Note that this i-node relocation always
takes place, without an explicit meta-data relocation, except
when the file system is read-only mounted.

This implicit meta-data relocation can have an effect sim-
ilar to that achieved by the embedded i-nodes proposed by
Ganger and Kaashoek [6]. In their proposal, i-nodes of files
in the same directory are put together and stored inside the
directory itself. Note, however, that they exploit the spa-
tial locality, whereas we exploit both spatial and temporal
localities.

Directory Affinity

In DualFS, like in Ext2 and Ext3, when a new directory is
created it is assigned a data-block group in the data device.
Data blocks of the regular files created in that directory are
put in the group assigned to the directory. DualFS specifi-
cally selects the emptiest data-block group for the new di-
rectory.

Note that, when creating a directory tree, DualFS has to
select a new group every time a directory is created. This
can cause a change of group and, hence, a large seek. How-
ever, the new group for the new directory may be only
slightly better than that of the parent directory. A better
option is to remain in the parent directory’s group, and to
change only when the new group is good enough, according
to a specific threshold (for example, we can change to the
new group if it has

�
% more free data blocks than the par-

ent directory’s group). The latter is called directory affinity
in DualFS, and can greatly improve DualFS performance,
even for a threshold as little as 10%.

Directory affinity in DualFS is somewhat similar to the
“directory affinity” concept used by Anderson et al. [1],
but with some important differences. For example, their
directory affinity is a probability (the probability that a new
directory is placed on the same server as its parent) whereas
it is a threshold in our case.
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3 Experimental Methodology

This section describes how we have evaluated the new ver-
sion of DualFS. We have used both microbenchmarks and
macrobenchmarks for different configurations, using the
Linux kernel 2.4.19. We have compared DualFS against
Ext2 [4], the default file system in Linux, and four jour-
naling file systems: Ext3 [27], XFS [22, 24], JFS [8], and
ReiserFS [25].

Ext2 is not a journaling file system, but it has been in-
cluded because it is a widely-used and well-understood file
system. Ext2 is an FFS-like file system [13] which does not
write modified meta-data elements synchronously. Instead,
it marks a meta-data element to be written in 5 seconds.
Furthermore, meta-data elements involved in a file system
operation are modified, and marked to be written, in a spe-
cific order (although this order is not compulsory, and de-
pends on the disk scheduler). In this way, Ext2 can almost
always recover its consistency after a system crash, without
significantly damaging the performance.

Ext3 is a journaling file system derived from Ext2 which
provides different consistency levels through mount op-
tions. In our tests, the mount option used has been “-o
data=ordered”, which provides Ext3 with a behavior
similar to that of DualFS. With this option, Ext3 only jour-
nals meta-data changes, but flushes data updates to disk be-
fore any transactions commit.

Based on SGI’s Irix XFS file system technology, XFS is
a journaling file system which supports meta-data journal-
ing. XFS uses allocation groups and extent-based alloca-
tions to improve locality of data on disk. This results in im-
proved performance, particularly for large sequential trans-
fers. Performance features include asynchronous write-
ahead logging (similar to Ext3 with data=writeback),
balanced binary trees for most file-system meta-data, de-
layed allocation, and dynamic disk i-node allocation.

IBM’s JFS originated on AIX, and from there was ported
to Linux. JFS is also a journaling file system which supports
meta-data logging. Its technical features include extent-
based storage allocation, dynamic disk i-node allocation,
asynchronous write-ahead logging, and sparse and dense
file support.

ReiserFS is a journaling file system which is specially
intended to improve performance of small files, to use disk
space more efficiently, and to speed up operations on di-
rectories with thousands of files. Like other journaling file
systems, ReiserFS only journals meta-data. In our tests,
the mount option used has been “-o notail” which no-
tably improves ReiserFS performance at the expense of bet-
ter disk-space use.

Bryant et al. [3] compared the above five file systems

using several benchmarks on three different systems, rang-
ing in size from a single-user workstation to a 28-processor
ccNUMA machine. However, there are some important dif-
ferences between their work and ours. Firstly, we evaluate a
next-generation journaling file system (DualFS). Secondly,
we report results for some industry-standard benchmarks
(SpecWeb99, and TPC-C). Thirdly, we use microbench-
marks which are able to clearly expose performance differ-
ences between file systems (in their single-user workstation
system, for example, only one benchmark was able to show
performance differences). And finally, we also report I/O
time at disk level (this time is very important because re-
flects the behavior of every file system as seen by the disk
drive).

3.1 Microbenchmarks

Microbenchmarks are intended to discover strengths and
weaknesses of every file system. We have designed seven
benchmarks:

read-meta (r-m) find files larger than 2 KB in a directory
tree.

read-data-meta (r-dm) read all the regular files in a direc-
tory tree.

write-meta (w-m) untar an archive which contains a direc-
tory tree with empty files.

write-data-meta (w-dm) the same as w-m, but with non-
empty files.

read-write-meta (rw-m) copy a directory tree with empty
files.

read-write-data-meta (rw-dm) the same as rw-m, but
with non-empty files.

delete (del) delete a directory tree.

In all cases, the directory tree has 4 subdirectories, each
with a copy of a clean Linux 2.4.19 source tree. In the
“write-meta” and “read-write-meta” benchmarks, we have
truncated to zero all regular files in the directory tree. In
the “write-meta” and “write-data-meta” tests, the untarred
archive is in a file system which is not being analyzed.

All tests have been run 5 times for 1 and 4 processes.
When there are 4 processes, each works on its own Linux
source tree copy.
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3.2 Macrobenchmarks

Next, we list the benchmarks we have performed to study
the viability of our proposal. Note that we have chosen en-
vironments that are currently representative.

Kernel Compilation for 1 Process (KC-1P) resolve de-
pendencies (make dep) and compile the Linux kernel
2.4.19, given a common configuration. Kernel and
modules compilation phases are made for 1 process
(make bzImage, and make modules).

Kernel Compilation for 4 Processes (KC-4P) the same
as before, but just for 4 processes (make -j4 bzImage,
and make -j4 modules).

SpecWeb99 (SW99) the SPECweb99 benchmark [23].
We have used two machines: a server, with the file sys-
tem to be analyzed, and a client. Network is a FastEth-
ernet LAN.

PostMark (PM) the PostMark benchmark, which was de-
signed by Jeffrey Katcher to model the workload seen
by Internet Service Providers under heavy load [9].
We have run our experiments using version 1.5 of the
benchmark. In our case, the benchmark initially cre-
ates 150,000 files with a size range of 512 bytes to
16 KB, spread across 150 subdirectories. Then, it per-
forms 20,000 transactions with no bias toward any par-
ticular transaction type, and with a transaction block of
512 bytes.

TPCC-UVA (TPC-C) an implementation of the TPC-C
benchmark [26]. Due to system limitations, we have
only used 3 warehouses. The benchmark is run with
an initial 30 minutes warm-up stage, and a subsequent
measure time of 2 hours.

3.3 Tested Configurations

All benchmarks have been run for the six configurations
showed below. Mount options have been selected following
recommendations by Bryant et al. [3]:

Ext2 Ext2 without any special mount option.

Ext3 Ext3 with “-o data=ordered” mount option.

XFS XFS with “-o logbufs=8,osyncisdsync”
mount options.

JFS JFS without any special mount option.

ReiserFS ReiserFS with “-o notail” mount option.

Linux Platform
Processor Two 450 Mhz Pentium III
Memory 256 MB, PC100 SDRAM

Disk One 4 GB IDE 5,400 RPM Seagate ST-
34310A.
One 4GB SCSI 10,000 RPM FUJITSU
MAC3045SC.
SCSI disk: Operating system, swap and
trace log.
IDE disk: test disk

OS Linux 2.4.19

Table 1: System Under Test

DualFS DualFS with meta-data prefetching, on-line meta-
data relocation, and directory affinity.

Versions of Ext2, Ext3, and ReiserFS are those found in
a standard Linux kernel 2.4.19. XFS version is 1.1, and JFS
version is 1.1.1.

All but DualFS are on one IDE disk with only one parti-
tion, and their logical block size is 4 KB. DualFS is also on
one IDE disk, but with two adjacent partitions. The meta-
data device is always on the outer partition, given that this
partition is faster than the inner one [30], and its size is 10%
of the total disk space. The inner partition is the data device.
Both the data and the meta-data devices also have a logical
block size of 4 KB.

Finally, DualFS has a prefetching size of 16 blocks, and
a directory affinity of 10% (that is, a new-created directory
is assigned the best group, instead of its parent directory’s
group, if the best group has, at least, 10% more free data
blocks). Since the logical block size is 4 KB, the prefetch-
ing size is equal to 64 KB, precisely the biggest disk I/O
transfer size used by default by Linux.

3.4 System Under Test

All tests are done in the same machine. The configuration
is shown in Table 1.

In order to trace disk I/O activity, we have instrumented
the operating system (Linux 2.4.19) to record when a re-
quest starts and finishes. The messages generated by our
trace system are logged in an SCSI disk which is not used
for evaluation purposes.

Messages are printed using the kernel function printk.
This function writes messages in a circular buffer in main
memory, so the delay inserted by our trace system is small
( � 1%), especially if compared to the time required to per-
form a disk access. Later, these messages are read through
the /proc/kmsg interface, and then written to the SCSI
disk in big chunks. In order to avoid the loss of messages
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(last messages can overwrite the older ones), we have in-
creased the circular buffer size from 16 KB to 1 MB, and
we have given maximum priority to all processes involved
in the trace system.

4 Experimental Results

In order to better understand the different file systems, we
show two performance results for each file system in each
benchmark:

� Disk I/O time: the total time taken for all disk I/O op-
erations.

� Performance: the performance achieved by the file
system in the benchmark.

The performance result is the application time except for
the SpecWeb99 and TPC-C benchmarks. Since these mac-
robenchmarks take a fixed time specified by the benchmark
itself, we will use the benchmark metrics (number of simul-
taneous connections for SpecWeb99, and tpmC for TPC-C)
as throughput measurements.

We could give the application time only, but given that
some macrobenchmarks (e.g, compilation) are CPU-bound
in our system, we find I/O time more useful in those cases.
The total I/O time can give us an idea of to what extent the
storage system can be loaded. A file system that loads a disk
less than other file systems makes it possible to increase
the number of applications which perform disk operations
concurrently.

Figures below show the confidence intervals for the mean
as error bars, for a 95% confidence level calculated using
a Student’s-T statistic. The number inside each bar is the
height of the bar, which is a value normalized with respect
to Ext2. For Ext2 the height is always 1, so we have written
the absolute value for Ext2 inside each Ext2 bar, which is
useful for comparison purposes between figures.

The DualFS version evaluated in this section includes the
three enhancements described previously. However, you
can look at our previous work [17] if you want to know
the impact of each enhancement (except directory affinity)
on DualFS performance.

Finally, it is important to note that all benchmarks have
been run with a cold file system cache (the computer is
restarted after every test run).

4.1 Microbenchmarks

Figures 2 and 3 show the microbenchmarks’ results. A
quick review shows that DualFS has the lowest disk I/O
times and application times in general, in both write and

read operations, and that JFS has the worst performance.
Only ReiserFS is clearly better than DualFS in the write-
data-meta benchmark, and it is even better when there are
four processes. However, ReiserFS performance is very
poor in the read-data-meta case. This is a serious problem
for ReiserFS given that reads are a more frequent operation
than writes [2, 29]. In order to understand these results, we
must explain some ReiserFS features.

ReiserFS does not use the block group or cylinder group
concepts like the other file systems (Ext2, Ext3, XFS, JFS,
and DualFS). Instead, ReiserFS uses an allocation algo-
rithm which allocates blocks almost sequentially when the
file system is empty. This allocation starts at the beginning
of the file system, after the last block of the meta-data log.
Since many blocks are allocated sequentially, they are also
written sequentially. The other file systems, however, have
data blocks spread across different groups which take up the
entire file system, so writes are not as efficient as in Reis-
erFS. This explains the good performance of ReiserFS in
the write-data-meta test.

The above also explains why ReiserFS is not so bad in the
read-data-meta test when there are four processes. Since
the directory tree read by the processes is small, and it is
created in an empty file system, all its blocks are together
at the beginning of the file system. This makes processes’
read requests to cause small seeks when processes read the
directory tree. The same does not occur in the other file
systems, where the four processes cause long seeks because
they read blocks which are in different groups spread across
the entire disk.

Another interesting point in the write-data-meta bench-
mark is the performance of ReiserFS and DualFS with re-
spect to Ext2. Although the disk I/O times of both file sys-
tems are much better than that of Ext2, the application times
are not so good. This indicates that Ext2 achieves a better
overlap between I/O and CPU operations because it neither
has a journal nor forces a meta-data write order.

It is specially remarkable the good performance of Du-
alFS in the read-data-meta benchmark, where DualFS is up
to 35% faster than ReiserFS. When compared with previ-
ous versions of DualFS [16], we can see that this perfor-
mance is mainly provided by the the meta-data prefetching
and directory affinity mechanisms, which respectively re-
duce the number of long seeks between data and meta-data
partitions, and between data-block groups within the data
partition.

In all the metadata-only benchmarks but write-meta, the
distinguished winners (regarding the application time) are
ReiserFS and DualFS. And they are the absolute winners
taking into account the disk I/O time. Also note that DualFS
is the best when the number of processes is four.
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Figure 2: Microbenchmarks results (application time).

The problem of the write-meta benchmark is that it is
CPU-bound because all modified meta-data blocks fit in
main memory. In this benchmark, Ext2 is very efficient
whereas the journaling file systems are big consumers of

CPU time in general. Even then, DualFS is the best of the
five. Regarding the disk I/O time, ReiserFS and DualFS are
the best, as expected, because they write meta-data blocks
to disk sequentially.
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Figure 3: Microbenchmarks results (disk I/O time).

In the read-meta case, ReiserFS and DualFS have the
best performance because they read meta-data blocks which
are very close. Ext2, Ext3, XFS, and JFS, however, have
meta-data blocks spread across the storage device, which

causes long disk-head movements. Note that the DualFS
performance is even better when there are four processes.

This increase in DualFS performance, when the number
of processes goes from one to four, is due to the meta-data
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I/O Time (seconds)
File System 1 process 4 processes Increase (%)

Ext2 47.86 (0.35) 56.99 (1.13) 19.08
Ext3 48.45 (0.29) 57.59 (0.35) 18.86
XFS 24.00 (0.66) 35.13 (1.15) 46.38
JFS 45.49 (0.46) 98.10 (0.44) 115.65
ReiserFS 7.02 (1.44) 9.77 (2.32) 39.17
DualFS 5.46 (2.00) 5.90 (3.33) 8.06

Table 2: Results of the r-m test. The value in parenthesis is the
confidence interval given as percentage of the mean.

prefetching. Indeed, prefetching makes DualFS scalable
with the number of processes. Table 2 shows the I/O time
for the six file systems studied, and for one and four pro-
cesses. Whereas Ext2, Ext3, XFS, JFS, and ReiserFS sig-
nificantly increase the total I/O time when the number of
processes goes from one to four, DualFS increases the I/O
time slightly.

For one process, the high meta-data locality in the Du-
alFS log and the implicit prefetching performed by the disk
drive (through the read-ahead mechanism) make the dif-
ference between DualFS, and Ext2, Ext3, JFS, and XFS.
ReiserFS also takes advantage of the same disk read-ahead
mechanism. However, that implicit prefetching performed
by the disk drive is less effective if the number of processes
is two or greater. When there are four processes, the disk
heads constantly go from track to track because each pro-
cess works with a different area of the meta-data device.
When the disk drive reads a new track, the previous read
track is evicted from the built-in disk cache, and its meta-
data blocks are discarded before being requested by the pro-
cess which caused the read of the track.

The explicit prefetching performed by DualFS solves the
above problem by copying meta-data blocks from the built-
in disk cache to the buffer cache in main memory before be-
ing evicted. Meta-data blocks can stay in the buffer cache
for a long time, whereas meta-data blocks in the built-in
cache will be evicted soon, when the disk drive reads an-
other track.

Another remarkable point in the read-meta benchmark is
the XFS performance. Although XFS has meta-data blocks
spread across the storage device like Ext2 and Ext3, its per-
formance is much better. We have analyzed XFS disk I/O
traces and we have found out that XFS does not update the
“atime” of directories by default (we have not specified any
“noatime” or “nodiratime” mount options for any file sys-
tem). The lack of meta-data writes in XFS reduces the total
I/O time because there are fewer disk operations, and be-
cause the average time of the read requests is smaller. JFS
does not update the “atime” of directories either, but that

does not significantly reduce its I/O time.

In the last benchmark, del, the XFS behavior is odd again.
For one process, it has a very bad performance. However,
the performance improves when there are four processes.
The other file systems have the behavior we expect.

Finally, note the great performance of DualFS in the
read-data-meta, and read-meta benchmarks despite the on-
line meta-data relocation.

4.2 Macrobenchmarks

Results of macrobenchmarks are showed in Figure 4. Since
benchmark metrics are different, we have showed the rela-
tive application performance with respect to Ext2 for every
file system.

As we can see, the only I/O-bound benchmark is Post-
Mark (that is, benchmark results agree with I/O time re-
sults). The other four benchmarks are CPU-bound in our
system, and all file systems consequently have a similar
performance. Nevertheless, DualFS is usually a little bet-
ter than the other file systems. The reason to include these
CPU-bound benchmarks is that they are very common for
system evaluations.

From the disk I/O time point of view, DualFS has the
best throughput. Only XFS is better than DualFS in the
SpecWeb99 and TPC-C benchmarks. However, we must
respectively take into account that XFS does not update the
access time of directory i-nodes, and nor does it meet the
TPC-C benchmark requirements (specifically, it does not
meet the response time constraints for new-order and order-
status transactions).

In order to explain this superiority of DualFS over the
other file systems, we have analyzed the disk I/O traces ob-
tained, and we have found out that performance differences
between file systems are mainly due to writes. There are a
lot of write operations in these tests, and DualFS is the file
system which better carries out them. For JFS, however,
these performance differences are also due to reads, which
take longer than in the other file systems.

Internet System Providers should pay special attention
to the results achieved by DualFS in the PostMark bench-
mark. In this test, DualFS achieves 60% more transactions
per second than Ext2 and Ext3, twice as many transactions
per second as ReiserFS, almost three times as many transac-
tions per second as XFS, and four as many transactions per
second as JFS. Although there are specific file systems for
Internet workloads [21], note that these results are achieved
by a general-purpose file system, DualFS, which is intended
for a variety of workloads.
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Figure 4: Macrobenchmark results. The first figure shows the application throughput improvement achieved by each file system with
respect to Ext2. The second figure shows the disk I/O time normalized with respect to Ext2. In the TPC-C benchmark, Ext3 and XFS
bars are striped because they do not meet TPC-C benchmark requirements.

5 Conclusions

Improving file system performance is important for a
wide variety of systems, from general purpose systems to
more specialized high-performance systems. Many high-

performance systems, for example, rely on off-the-shelf file
systems to store final and partial results, and to resume
failed computation.

In this paper we have introduced a new version of DualFS
which proves, for the first time, that a new journaling file-
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system design based on data and meta-data separation, and
special meta-data management, is not only possible but also
desirable.

Through an extensive set of micro- and macrobench-
marks, we have evaluated six different journaling and non-
journaling file systems (Ext2, Ext3, XFS, JFS, ReiserFS,
and DualFS), and the experimental results obtained not only
have shown that DualFS has the lowest I/O time in general,
but also that it can significantly boost the overall file system
performance for many workloads (up to 98%).

We feel, however, that the new design of DualFS allows
further improvements which can increase DualFS perfor-
mance even more. Currently, we are working on extracting
read access pattern information from meta-data blocks writ-
ten by the relocation mechanism in order to prefetch entire
regular files.

Availability

For more information about DualFS, please visit the Web
site at:
http://www.ditec.um.es/˜piernas/dualfs.

References
[1] ANDERSON, D. C., CHASE, J. S., AND VAHDAT, A. M.

Interposed request routing for scalable network storage. In
Proc. of the Fourth USENIX Symposium on Operating Sys-
tems Design and Implementation (OSDI) (Oct. 2000), 259–
272.

[2] BAKER, M. G., HARTMAN, J. H., KUPFER, M. D.,
SHIRRIFF, K. W., AND OUSTERHOUT, J. K. Measurements
of a distributed file system. In Proc. of 13th ACM Symposium
on Operating Systems Principles (1991), 198–212.

[3] BRYANT, R., FORESTER, R., AND HAWKES, J. Filesystem
performance and scalability in linux 2.4.17. In Proc. of the
FREENIX Track: 2002 USENIX Annual Technical Confer-
ence (June 2002), 259–274.

[4] CARD, R., TS’O, T., AND TWEEDIE, S. Design and imple-
mentation of the second extended filesystem. In Proc. of the
First Dutch International Symposium on Linux (December
1994).

[5] CHUTANI, S., ANDERSON, O. T., KAZAR, M. L., LEV-
ERETT, B. W., MASON, W. A., AND SIDEBOTHAM, R.
The Episode file system. In Proc. of the Winter 1992 USE-
NIX Conference: San Francisco, California, USA (January
1992), 43–60.

[6] GANGER, G. R., AND KAASHOEK, M. F. Embedded in-
odes and explicit grouping: Exploiting disk bandwidth for
small files. In Proc. of the USENIX Annual Technical Con-
ference, Anaheim, California USA (January 1997), 1–17.

[7] HAGMANN, R. Reimplementing the cedar file system using
logging and group commit. In Proc. of the 11th ACM Sym-
posium on Operating Systems Principles (November 1987),
155–162.

[8] JFS for Linux. http://oss.software.ibm.com/jfs, 2003.

[9] KATCHER, J. PostMark: A new file system benchmark.
Technical Report TR3022. Network Appliance Inc. (october
1997).

[10] KROEGER, T. M., AND LONG, D. D. E. Design and imple-
mentation of a predictive file prefetching algorithm. In Proc.
of the 2001 USENIX Annual Technical Conference: Boston,
Massachusetts, USA (June 2001), 319–328.

[11] LEI, H., AND DUCHAMP, D. An analytical approach to
file prefetching. In Proc. of 1997 USENIX Annual Technical
Conference (1997), 275–288.

[12] MATTHEWS, J. N., ROSELLI, D., COSTELLO, A. M.,
WANG, R. Y., AND ANDERSON, T. E. Improving the per-
formance of log-structured file systems with adaptive meth-
ods. In Proc. of the ACM SOSP Conference (October 1997),
238–251.

[13] MCKUSICK, M., JOY, M., LEFFLER, S., AND FABRY, R. A
fast file system for UNIX. ACM Transactions on Computer
Systems 2, 3 (Aug. 1984), 181–197.

[14] MCKUSICK, M. K., AND GANGER, G. R. Soft updates: A
technique for eliminating most synchronous writes in the fast
filesystem. In Proc. of the 1999 USENIX Annual Technical
Conference: Monterey, California, USA (June 1999), 1–17.

[15] MULLER, K., AND PASQUALE, J. A high performance
multi-structured file system design. In Proc. of 13th ACM
Symposium on Operating Systems Principles (Oct. 1991),
56–67.

[16] PIERNAS, J., CORTES, T., AND GARCÍA, J. M. DualFS: a
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Abstract

Synchronization is a crucial operation in scalable multiprocessors and a fundamental element in parallel
programming. Various synchronization mechanisms have been proposed over the years and many of them
have enjoyed great success. However, as network latency rapidly approaches thousands of processor cycles
and multiprocessors systems become larger and larger, conventional synchronization techniques are failing
to keep up with the increasing demand for fast, efficient synchronization.

In this paper, we propose a mechanism that allows atomic operations on synchronization variables to be
executed on the home memory controller and the home memory controller to send fine-grained updates to
waiting processors when a synchronization variable reaches certain values. Performing atomic operations
near where the data resides, rather than moving it across the network, operating on it, and moving it back,
eliminates significant network traffic, hides high remote memory latencies, and introduces opportunities for
additional parallelism. Using a fine-grained update protocol, rather than a write-invalidate protocol, on
synchronization variables simplifies the programming model, eliminates invalidation requests, and reduces
network traffic.

As the first demonstration, we have used a memory-controller-based atomic operation to optimize the
barrier function of an OpenMP library. Our simulation results show that the optimized version outper-
forms a conventional LL/SC (Load-Linked/Store-Conditional) version by a factor of 20.8, a conventional
processor-based atomic instruction version by 15.5, and an active messages version by 13.4.

Keywords: distributed shared-memory, synchronization, barrier, intelligent memory controller, coherence
protocol

1 Introduction

Processor speeds are increasing while wall time network latency is decreasing very little due to speed

of light effects. The round trip network latency of large-scale distributed shared-memory (DSM) machines

will soon be thousands of processor cycles. As a result, synchronization overhead has become one of

the major obstacles to the scalability of DSM systems and has limited the sustained performance of DSM

systems. For instance, a barrier, one of the most frequently used synchronization operations, coordinates
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concurrent processes to guarantee that no process advances beyond a particular point until all processes

have reached that point. Performing a barrier operation on an Origin 3000 system with 32 MIPS R14K

processors requires about 90,000 cycles, during which time the system could execute 5.76 million FLOPS.

The 5.76MFLOPS/barrier ratio is an alarming sign that conventional barrier implementations are hurting the

overall system performance.

A number of barrier solutions have been proposed over the decades. The fastest of all approaches is

to use a pair of dedicated wires between every two nodes [2, 11, 22, 23]. However, such approaches are

only possible for small-scale systems, where the number of dedicated wires is small. For medium-scale

or large-scale systems, the cost of having dedicated wires between every two nodes is prohibiting. For

example, a 128-node system would require 16,256 wires. In addition to the high cost of physical wires,

hardware-wired approaches cannot synchronize more than one barrier at one time and do not interact well

with load-balancing techniques, such as processes migration, where the process-to-processor mapping is not

static.

Most barrier solutions are software-based with limited hardware support. Some processors support atomic

instructions that perform variants of read-modify-write operations, e.g., the semaphore instructions of IA-

64 [7]. Performing atomic semaphore instructions in the processor core complicates the design of the proces-

sor pipeline, load/store units, and system bus. As a simpler alternative, most modern processors, including

AlphaTM [1], PowerPCTM [13] and MIPSTM [8], rely on load-linked/store-conditional (LL/SC) instructions

to implement atomic read-modify-write operations. An LL instruction loads a block of data into the cache.

A subsequent SC instruction attempts to write to the same block. It succeeds only if the block has not been

evicted from the local cache since the preceding LL, which implies that the read-write pair effectively was

atomic. Any intervention request from another processor between the LL and SC instructions causes the

SC to fail. To implement atomic synchronization, library routines typically retry the LL/SC pair repeatedly

until the SC succeeds.

The main drawback of atomic and LL/SC instructions is that they ship data back and forth across the net-

work and system bus for every atomic operation. For instance, in the predominant scalable DSM architec-

tures, directory-based CC-NUMA (cache-coherence non-uniform memory access), each block of memory

is associated with a fixed home node, which maintains a directory structure to track the state of all locally-

homed data. When a processor is about to modify a synchronization variable that has been modified by

another processor, the local DSM hardware sends a message to the barrier’s home node to request a copy

and acquire exclusive ownership. Depending on the dirty copy owner’s location, the home node may need

to send messages to additional nodes to service the request. During a barrier operation, the ownership of the
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synchronization variable is passed from one processor to another across the network until all participating

processors have atomically incremented the barrier variable.

In an attempt to speed up synchronization operations, we propose adding an Active Memory Unit (AMU)

capable of performing simple atomic operations in the memory controllers (MC). The presence of AMUs

will let processors operate on remote data at the data’s home node, rather than loading it into a local cache,

operating on it, and potentially flushing it back to the home node. We call AMU-supported operations

Active Memory Operations (AMO), because they make the conventional “passive” memory controller

more “active”. The goal of AMOs is to reduce network traffic, avoid the high latency of remote memory

accesses, and ultimately increase the performance of parallel applications.

An existing means of avoiding remote communication is Active Messages [27] (ActMsg). An active

message includes the address of a user-level handler to be executed by the home node processor upon

message arrival using the message body as argument. While active messages are very effective in reducing

communication traffic, using the node’s primary processor to execute the handlers has higher latency than

dedicated hardware and interferes with useful work. With an AMU, similar functionality can be performed in

the MC, which avoids these problems. Although active messages were initially developed for the messaging

passing environment to better overlap communication and computation, we find that they are also effective

in improving the performance of barriers. Thus, we will compare AMOs-based barriers to active-messages-

based barriers in our study.

In general, a barrier synchronization of N processes requires N serial atomic operations. This serialization

exposes the long round trip latency of the network. To enable parallelism during synchronization, some

researchers have proposed barrier trees [5, 21, 28] , which use multiple barrier variables organized as a

tree for one barrier operation. For example, in Yew, Tzeng and Lawrie’s software combining tree [28],

the processors are leaves of the tree and are organized into groups. The last processor to arrive in a group

increments a counter in the group’s parent node. Continuing in this fashion, the last processor reaching the

barrier point works its way to the root of the tree and triggers a reverse wave of wakeup operations to all

processors. Barrier trees achieve significant performance gains on large-scale systems, but they introduce

extra programming complexity. We will later show that AMOs can achieve better performance without

surrendering to this programming complexity.

In the rest of the paper, we present the architecture and software interface for the proposed design and

compare AMOs against LL/SC instructions, processor-side atomic instructions, active messages, and tree-

based implementations of these existing mechanisms. We test the different implementations of the barrier

function of an OpenMP library on an execution-driven simulator. The simulator results show that AMOs
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outperform LL/SC instructions, atomic instructions, and active messages by up to a factor of 80, with the

geometric mean of 20.8, 15.5, and 13.4, respectively, and their tree-based versions by a factor of 7.8, 7.1

and 6.9, respectively.

The remainder of this paper is organized as follows. Section 2 describes the active memory architectures

and programming models. Section 3 describes the simulation environment and gives the simulator results.

Section 4 surveys related work. Section 5 summarizes our conclusions and discusses future work.

2 AMU-Supported Synchronization

Our proposed mechanism adds an AMU that can perform simple atomic arithmetic operations to the MC,

extends the coherence protocol to support fine-grained updates, and augments the ISA with a few special

AMO instructions that initiate active memory operations. The initial design of the AMU supports three

AMO instructions: amo.inc (increment by one), amo.fetchadd (fetch and add), and amo.compswap

(compare and swap). Semantically, these instructions are just like the atomic instructions implemented

by some microprocessors. Programmers can use them as if they were traditional processor-side atomic

operations.

In the rest of this section, Section 2.1 presents the hardware organization of the AMU. Section 2.2 de-

scribes the fine-grained update protocol. Section 2.3 describes the programming model of AMOs.

��� �������� 	�
���
���	�

Figure 1 depicts the architecture that we assume. A crossbar connects processors to the network back-

plane, from which they can access remote processors, as well as their local memory and IO subsystems,

shown in Figure 1 (a). In our model, the processors, crossbar, and memory controller all reside on the same

die, as will be typical in near-future system designs. Figure 1 (b) is the block diagram of the Active Memory

Controller with the proposed AMU delimited within the dotted box.

When a processor issues an AMO instruction, it examines the target address and sends a request to the

AMU of the target address’ home node. When the message arrives at the AMU of that node, it is placed in

a queue waiting for dispatch. The control logic of the AMU exports a READY signal to the queue when it

is ready to accept another request. The operands are then read and fed to the memory function unit (MFU

in Figure 1 (b)). The old or new value may be returned to the requesting processor, depending on the AMO.

Memory references for synchronization variables exhibit high temporal locality because every participat-

ing process accesses the same synchronization variable. To further improve the performance of AMOs, we

add a very small cache to the AMU. This cache effectively coalesces operations to synchronization variables,
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Figure 1. Architecture of Active Memory Unit

eliminating the need to load from and write to the off-chip DRAM module every time. Each AMO that hits

in the AMU cache takes only two cycles to complete, independent of the number of nodes contending for

the synchronization variable. The size of the AMU cache is an open design issue. For this study, we assume

a four-entry AMU cache.

��� �����
������ �������

AMO instructions operate on coherent data. AMU-generated requests are sent to the directory controller

as fine-grained “get” (for reads) or “put” (for writes) requests 1. A fine-grained “get” loads the coherent

value of a word or a double-word. In our model, the directory controller maintains coherence at the block

level. When it receives a get request from the AMU, it loads the coherent value of the target word either

from a processor cache or local memory, depending on the state of the block containing the word. It then

changes the state of the block to “shared” and adds the AMU to the list of sharers. Unlike traditional data

sharers, the AMU is allowed to modify the word without obtaining exclusive ownership first. The AMU

sends fine-grained “put” requests to the directory controller when it needs to write barrier variables back to
1Fine-grained “get/put” operations are planned for a future SGI DSM architecture. Its details are beyond the scope of this paper.
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local memory. A fine-grained “put” updates a word of a block. When the directory controller receives a

put request, it will send a word-update request to local memory and every node that has a copy of the block

containing the word to be updated.

To take advantage of get/put, the amo.inc instruction includes a “test” value that is compared against

the result of the increment. If the incremented value matches the test value, e.g., as would be the case in a

barrier operation if the test value is the total number of processors expected to reach the barrier, the AMU

sends a put request along with the new value to the directory controller. This update is like a signal to all

waiting processors. It does not have any extra overhead and happens at the earliest time possible.

A potential way to optimize conventional barriers is to use a write-update protocol to eliminate invalida-

tion requests for barrier variables. However, issuing a block update after each increment generates too much

network traffic, offsetting the benefit of eliminating invalidation requests. The get/put mechanism eliminates

write-update’s drawbacks, because it issues word-grained updates (thereby eliminating false sharing) and it

only issues updates after the last process reaches the barrier rather than once each time any processor reaches

the barrier.

One possible problem with using get/put is it introduces temporal inconsistency between the barrier vari-

able values in the processor caches and the AMU cache. In essence, the get/put mechanism implements

release consistency for barrier variables, where the act of reaching a “test” values acts as a release point.

For barrier operations, release-consistency is a completely acceptable memory model, but we must be extra

careful when applying AMOs to applications where release-consistency might cause problems.

The first time a synchronization variable is accessed, the AMU obtains the latest copy from either a

processor cache or local DRAM. All subsequent AMOs to the same synchronization variable will find the

data in the AMU cache and thus require only two cycles to process. The synchronization variable will stay

in the AMU cache until it is evicted out or the directory controller receives a request for exclusive ownership

for the block containing the variable.

��� ��	
������
 �	���

AMO instructions are encoded in an unused portion of the MIPS-IV instruction set space, because our

target implementation of AMOs is an as-yet-unannounced future member of the MIPS processor family.

We are considering a wide range of AMO instructions, but for this study, we focus only on amo.inc. The

amo.inc instruction increments the target memory location by one and returns the original memory content

to a general register. It can be used to implement efficient barriers. Its mnemonic form is amo.inc rd,

rs1, rs2, where rd is the destination register to store the return value, rs1 holds a memory address,
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and rs2 holds the “test” value. The test value is set as the expected value of the barrier variable after all

processes have reached the barrier point.

Before we describe how to use amo.inc to implement barriers, let us first investigate how barriers

are implemented. The following is a naive barrier implementation in which num procs is the number of

participating processes:

atomic_add(& barrier_variable);
spin_until(barrier_variable == num_procs);

This implementation is inefficient because it directly spins on the barrier variable. Since processes that

have reached the barrier repeatedly try to read a copy of the barrier variable into their local caches to test if

it has reached the expected value (num procs in this case), the next increment attempt by another process

will have to compete with these read requests, possibly resulting in a very long latency for the increment

operation. Although processes that have reached the barrier can be suspended to avoid interference with the

subsequent increment operations, the overhead of suspending and resuming processes is too much to have

an efficient barrier.

A common optimization to the naive version is to spin on another variable, such as the following.

int expected_value = barrier_counter + num_procs,
if (atomic_add_one(&barrier_variable) + 1 == expected_value)

barrier_counter = expected_value;
else

spin_until(barrier_counter == expected_value);

The code segment above assumes that atomic add one() returns the value of the barrier variable

before increment. Instead of spinning on the barrier variable, this loops spins on another variable bar-

rier counter. For simplicity, we call barrier counter the “spin” variable. The coding above is

slightly different than the naive coding because it has been extended so that it can be used for more than

one barrier operations after initialization as long as barrier counter and barrier variable do

not overflow. Because data coherence is maintained in block-level, for this coding to work properly, pro-

grammers must make sure that the barrier variable and the spin variable do not reside in the same block.

Using the spin variable eliminates the interference between spin and increment operations. However, it

introduces some extra overhead — a write to the spin variable for each synchronization. A write to the

spin variable involves the home node sending an invalidation request to every processor before the write

occurs and each processor reloading a copy of the spin variable after the write has completed. Introduction

of the spin variable is undesirable because it is not an element in the algorithm but simply a programming

technique of trading programming complexity for performance. Nevertheless, the benefit of using the spin
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variable often overwhelms its overhead. Nikolopoulos and Papatheodorou [18] have demonstrated that

spinning on the spin variable is 25% faster than spinning on the barrier variable for a synchronization across

64 processors.

With AMOs, atomic increment operations are performed without invalidating shared copies in the pro-

cessor caches and the shared copies in the processor caches are automatically updated when all processes

reach the barrier. Consequently, AMO-based barriers can use the naive coding, i.e., directly spinning on the

barrier variable. The equivalent AMO-based version of barrier looks like the following.

int expected_value = (barrier_variable / num_procs + 1) * num_procs;
amo_inc(&barrier_variable, expected_value);
spin_until(barrier_variable == expected_value);

In this version, amo inc() is a wrapper function for the amo.inc instruction. Before calling it, the

program must first figure out the expected barrier value after all processes reach the barrier. For simplicity,

we require the initial value of the barrier variable to be a multiple of num procs, such as zero. With

that warrant, the expected value can be computed as ((barrier variable / num procs + 1) *

num procs).

Conventional processor-based atomic instructions often require significant effort from programmers to

write correct and efficient synchronization codes. For example, the Alpha Architecture Handbook [1] uses

three pages to explain each of the LL/SC instructions along with many restrictions. Processor-side imple-

mentation of atomic instructions, like fetchadd and cmpxchg on Itanium2TM [7], need to lock many system

resources to ensure atomicity. This leads to subtle situations that can cause livelocks, e.g., when stores to the

Write Coalescer are closely followed by semaphore instructions. By contrast, AMO instructions are inter-

ference free, do not lock any system resources to ensure atomicity and eliminate the need for programmers

to be aware how the atomic instructions are implemented. Since synchronization-related codes are often the

hardest parts of a parallel application to code and debug, simplifying the programming model is a significant

advantage of AMOs over other mechanisms, in addition to their performance superiorities.

3 Evaluation

This section presents our experimental environment and results. We describe the simulation environment

in Section 3.1, delineate the different barrier synchronization functions that we have tried in Section 3.2, and

present the simulation results in Section 3.3.
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Parameter Value

Processor four-way issue, 48-entry active list, 2 GHZ
L1 I-cache two-way, 32KB, 64-byte lines, 1-cycle latency
L1 D-cache two-way, 32KB, 32-byte lines, 2-cycle latency
L2 cache four-way, 2MB, 128-byte lines, 10-cycle latency
System bus 16-byte CPU to system, 8-byte system to CPU

maximum 16 outstanding cache misses, 1 GHZ
DRAM backend 16 16-bit-data DDR channels
Hub clock rate 500 MHZ
DRAM latency 60 processor cycles
Network hop latency 100 processor cycles

Table 1. Configuration of the simulated systems.

��� ��������	� �����	�����

We use the execution-driven simulator UVSIM in our performance study. UVSIM models a future-

generation SGI DSM supercomputer, including a directory-based SN2-MIPS-like coherence protocol [24]

that supports both write-invalidate and write-update. The write-update protocol is fine-grained, meaning

that an update request may replace as little as a single word in a cache line, as described in Section 2.2. Each

simulated node contains two MIPS R18000-like [17] microprocessors connected to sysTF busses [25]. Also

connected to the bus is SGI’s future-generation Hub [25], which contains the processor interface, memory

controller, directory controller, network interface, IO interface, and active memory unit.

UVSIM has a micro-kernel that supports most common system calls. It directly executes statically linked

64-bit MIPS-IV executables. UVSIM supports the OpenMP runtime environment. All benchmark programs

used in this paper are OpenMP-based parallel programs.

Table 1 lists the major parameters of the simulated systems. The L1 cache is virtually indexed and

physically tagged. The L2 cache is physically indexed and physically tagged. The DRAM backend has 16

20-bit channels connected to DDR DRAMs, which enables us to read an 80-bit burst every two cycles. Of

each 80-bit burst, 64 bits are data. The remaining 16 bits are a mix of ECC bits and partial directory state.

The simulated interconnect subsystem is based on SGI’s NUMALink-4. The interconnect is built using

16-port routers in a fat-tree structure, where each non-leaf router has eight children. We model a network

hop latency of 50 nsecs (100 cpu cycles). The minimum network packet is 32 bytes.

We have validated the core of our simulator by setting the configurable parameters to match those of an

SGI Origin 3000, running a large mix of benchmark programs on both a real Origin 3000 and the simulator,
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Name Description

Baseline uses a pair of LL/SC instructions
ActMsg uses active messages
Atomic uses an atomic increment instruction
AMO uses the amo.inc instruction

Table 2. Implementations of the barrier function.

and comparing performance statistics (e.g., run time, cache miss rates, etc.). The simulator-generated results

are all within 20% of the corresponding numbers generated by the real machine, most within 5%.

��� ������	��
���	� ������	��

For the initial study of AMOs, we use amo.inc to optimize the barrier function from an OpenMP

library and compare AMOs with LL/SC instructions, processor-side atomic instructions, and active mes-

sages. Table 2 lists the different versions of the barrier function. We use the slowest, and the most widely

used implementation — the LL/SC version — as the baseline. In addition, we employ the software barrier

combining tree based on the work by Yew et al. [28] to each implementation.

We have extended UVSIM to support active messages. In our model, both AMOs and active messages

share the same programming model; the only difference is the way each is handled by the receiving node.

We assume user-level interrupts are supported for active messages on both the recipient processor and the

initiating processor, so our results for active messages are somewhat optimistic.

��� �������

All programs in our study are compiled using the MIPSpro Compiler 7.3 with an optimization level of “-

O3”. All results in this section come from complete simulations of the benchmark programs. Each program

invokes the synchronization function 11 times. The first call is used to synchronize the starting point of each

process. We then divide the wall time for the following ten invocations by ten, report this time as the elapsed

time for a barrier operation.

Non-tree-based barriers

Table 3 presents the speedups of different barrier implementations over the baseline implementation. The

first column of this table contains the numbers of processors being synchronized. We vary the number of

processors from four (i.e., two nodes) to 256, the maximum number of processors allowed by the directory
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CPUs Speedup over Baseline
Atomic ActMsg AMO

4 1.25 1.16 3.06
8 1.27 1.57 9.26

16 1.25 1.36 14.04
32 1.27 1.53 23.71
64 1.37 1.69 42.59

128 1.37 1.81 50.59
256 1.41 1.86 82.30

Table 3. Performance of different barriers.
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Figure 2. Cycles-per-processor of different barriers.

structure of the SN2-MIPS protocol [24]. The Atomic, ActMsg, and AMO barrier implementations all

achieve significant speedups over the baseline LL/SC version. Specifically, conventional atomic instructions

outperform LL/SC by a factor of 1.25 to 1.41. Active messages outperform LL/SC by a factor 1.16 to 1.86.

However, AMO-based barrier performance dwarfs that of all other implementations, ranging from a speedup

of 3.06 for four processors to as high as 82.30 for 256 processors.

In the baseline implementation, each processor loads the barrier variable into its local cache before in-

crementing it using LL/SC instructions. Only one processor will succeed at one time; the LL/SCs on the

other processors will fail. After a successful update by a processor, the barrier variable will move to another

processor, and then to another processor, and so on. As the system grows, the average latency to move the

barrier variable between processors increases, as does the amount of contention. As a result, the synchro-

nization time in the base version increases superlinearly as the number of nodes increases. This effect can

be seen particularly clearly in Figure 2, which plots the per-processor barrier synchronization time for each

barrier implementation.
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The conventional atomic instruction implementation of barriers eliminates the failed SC attempts in the

baseline version, and thus improves upon the baseline by more than 25% in all cases. However, its perfor-

mance gains are relatively small compared to the other implementations that we considered, because it still

requires a round trip over the network for every atomic operation, all of which must be performed serially.

For the active message version, an active message is sent for every increment operation. The overhead

of invoking the active message handler for each increment operation dwarfs the time required to run the

handler itself. Nonetheless, the benefit of eliminating remote memory accesses outweighs the high invoca-

tion overhead, which results in the active message version of barriers outperforming the baseline version for

all systems by from 16% to 86%. In addition, the high overhead of each invocation results in a significant

number of messages being queued, which leads to message timeouts and retransmissions. These drawbacks

make active messages perform relatively poorly comparing to AMOs.

The AMO implementation of barriers uses the special amo.inc instruction. After issuing an AMO, each

process spins on the barrier variable, waiting for it to reach the prescribed value. When the first amo.inc

operation arrives at the barrier variable’s home AMU, local DRAM or a processor cache is accessed to load

the barrier variable into the AMU’s cache. All subsequent AMOs find the data in the AMU cache and thus

require only two cycles to process. Thus, the bottleneck for AMO performance is the time to transfer the

request from the network backplane. After the barrier variable reaches a specified value, an update is sent

to every node that has a copy of the variable. Since a local process is spinning on the data, it is very likely

that every node will have a copy of the barrier variable in its local caches. Thus, the total cost of sending

update requests is close to the time required to send a single update request multiplied by the number of

participating processors. 2

Roughly speaking, the time to perform an AMO-based barrier equals (�� � �� � � ), where �� is a fixed

overhead and �� is a small value related to the processing time of an amo.inc operation and an update

request, and � is the number of processors being synchronized. This expression implies that AMO-based

barriers scale well, which is clearly illustrated by the performance numbers in Figure 2. This figure shows

that the per-processor latency of AMO-based barriers is constant with respect to the total number of pro-

cessors. In fact, the per-processor latency drops off slightly as the number of processors increases for

AMO-based barriers because the fixed overhead is amortized by more processors. Contrast this with the

other implementations, where the larger the number of nodes in the system, the higher the per-processor

synchronization time.
2We do not assume that the network can physically multicast updates; AMO performance would be even higher if the network

supported such operations.
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CPUs Speedup over Baseline
Baseline+tree Atomic+tree ActMsg+tree AMO+tree AMO

8 1.04 1.11 1.19 1.32 9.26
16 2.06 2.17 2.08 2.10 14.04
32 2.42 2.97 3.57 3.82 23.71
64 4.80 5.46 6.74 9.06 42.59

128 6.28 6.17 8.16 11.35 50.59
256 10.03 12.08 13.51 14.90 82.30

Table 4. Performance of tree-based barriers.
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Figure 3. Cycles-per-processor of tree-based barriers.

Tree-based barriers

For all tree-based barriers, we use a two-level tree structure regardless of the number of processors. For each

configuration, we try all possible tree branching factors and use the one that delivers the best performance.

The initialization time of the tree structures is not included in the reported results. Since tree barrier algo-

rithms are designed for non-trivial system sizes, the smallest configuration that we consider in this study is

8 processors. Table 4 shows the speedups of tree-based barriers over the original baseline implementation.

Figure 3 shows the number of cycles per processor for the tree-based barriers.

Our simulation results clearly indicate that tree-based barriers perform much better and scale much better

than normal barriers, which concurs with the findings of Michael et al. [15]. Tree-based barriers create

parallelism and reduce the hot-spot contention, so they are every effective at speeding up normal barriers.

On a 256-processor system, all tree-based barriers are at least ten times faster than the baseline barrier.

As seen in Figure 3, the number of cycle-per-processor for tree-based barriers decreases as the number

of processors increases, because the high overhead associated with using trees is amortized across more

processors and increments to different parts of the tree can proceed in parallel.
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A tree-based barrier on a large system is basically a combination of several barriers on smaller systems.

Traditional barriers have similar performance on small-scale systems, so the differences among traditional

tree-based barriers are rather small.

One reason that tree-based barriers perform uniformly well is because we have tried different tree branch-

ing factors and present the best result for each given system. In a real system, we might not have the luxury

of choosing the optimal branching factors and tree re-construction could add non-negligible overhead. The

best branching factor for a given system is often not intuitive. Markatos et al. [12] have demonstrated that

in some multiprogramming environments, improper use of trees can drastically degrade the performance of

tree-based barriers to even below that of simple centralized barriers. Nonetheless, our simulation results do

demonstrate of the performance potential of combining tree-based barriers.

Even with all of the advantages of tree structures, tree-based barriers are still significantly slower than

AMO-based barriers. For instance, the best tree-based barrier (ActMsg + tree) is more than six times slower

than the AMO-based barrier on a 256-processor system. This result is because tree-based barriers involve

higher overhead and generate more network traffic than AMO-based barriers.

Interestingly, the combination of AMOs and trees performs worse than AMOs alone for this size configu-

ration. The cost of an AMO-based barrier includes a large fixed overhead and a very small number of cycles

per processor. Using tree structures with AMO-based barriers essentially introduces the fixed overhead more

than once, therefore resulting in a longer barrier synchronization time. That AMOs alone are better than the

combination of AMOs and trees for this configuration is another indication that AMOs do not require heroic

programming effort to achieve good performance. However, this relationship between normal AMOs and

tree-based AMOs might change if we move to systems with tens of thousands processors. Determining

whether or not tree-based AMO barriers can provide extra benefits on such extremely large systems is part

of our future work.

4 Related Work

Physical-wire-based barriers have had great success in small- to medium-scale systems. Lundstrom [11]

proposes an ANDing network for barrier synchronization. Shang et al. [23] propose a distributed wired-

NOR network. Cray T3D [2] implements barriers with hierarchically constructed AND trees and fanout

circuits. Cray T3E [22] implements barrier trees using dedicated barrier/Eureka synchronization units, but

without using dedicated physical wires.

The fetch-and-add instructions in the NYU Ultracomputer [4, 9] are similar to AMOs in that both are

implemented in the memory controller. The Ultracomputer’s fetch-and-add uses a combining network that
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tries to combine all loads and stores for the same memory location within the routers. It has the potential

drawback of delaying requests that do not use this feature. Combining is effective only when many fetch-

and-add instructions are issued over a very short time interval. In contrast, our approach performs the

combining at the barrier variable’s home memory controller, which eliminates the closeness-in-time problem

associated with combining in the network, and requires only two DRAM access per barrier regardless of the

number of processes.

The SGI Origin 2000 [10] and Cray T3E’s [22] atomic memory operations come closest to our work.

Like AMOs, atomic memory operations are implemented at the memory controller. Processors trigger

atomic memory operations by sending requests to special IO addresses on the home memory controller

of the atomic variable. The home MC interprets those special requests as commands to perform simple

atomic operations. With atomic memory operations, programs can either use uncached loads or, for better

performance, use spin variables during spinning. AMOs do not require spin variables, and thus are superior

to atomic memory operations in both performance and programming convenience. Comparing AMOs with

atomic memory operations is part of future work.

Michael et al. [16] have studied several implementations of the LL/SC instructions. In their studies,

computation power is placed at different levels of the memory hierarchy. They do so by carefully choosing

coherence policies for synchronization operations. For the computation-in-memory environment, a cen-

tralized reservation mechanism is used for granting the exclusive ownership to one of the processors that

attempt to do SC on a synchronization variable. This mechanism is similar to the LLbit approach in SGI

MIPS processors [17]. It needs to maintain a bit vector or a counter for each memory location that the

synchronization variable may reside. Its performance gain is likely smaller than AMOs’ for three reasons:

(i) every LL or SC must go to memory for the bit vector or counter; (ii) SC attempts fail frequently due to

heavy contention; and, (iii) updates that are sent to the sharers after each successful write generate too much

traffic and jam the interconnection network.

Adding intelligence to the memory controller is an approach taken by several researchers working to

overcome the “Memory Wall” problem [3, 14, 29]. Several researchers propose to incorporate processing

power on DRAM chips, so-called PIM (processor-in-memory) systems [6, 19, 20, 26]. Unlike PIMs, we do

not propose placing processors on the DRAM chips themselves. We believe that non-commodity DRAMs,

with their expected lower yields, lower density, and higher per-byte costs, are not well-suited for cost-

effective large-scale machines. Further, the performance of the PIM architectures is somewhat limited by

the fact that DRAM processes are slower than logic processes, and it is difficult to enforce data coherence

in PIM architectures.
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5 Conclusions and Future Work

Efficient synchronization is crucial operation for effective paralle programming of large multiprocessor

systems. As network latency rapidly approaches thousands of processor cycles and multiprocessors sys-

tems are becoming larger and larger, synchronization speed is quickly becoming a significant performance

determinant.

In this paper, we propose a mechanism that uses special atomic active memory operations performed by

the home node memory controller of a synchroniation variable to achieve super-fast barrier synchroniza-

tion. AMO-based barriers do not require extra spin variables or complicated tree structures to achieve good

performance. AMOs enable extremely efficient barrier synchronization at rather low hardware cost, with a

simple programming interface. Our initial simulation results indicate that AMOs are much more efficient

than the traditional LL/SC instructions, atomic instructions, and active messages, outperforming them by up

to a factor of 80.

AMU development is still in its infancy. Part of our future work is to compare AMOs to the other forms

of off-loaded atomic memory operations described in Section 4. We also need to test the sensitivity of

AMOs to network latency and investigate how to use AMOs to improve other synchronization primitives,

e.g., spinlocks and wait/signal. We are also considering how and whether to expand the AMU to support

more complicated operations like floating-point operations, vector-like operations that operate on a range of

data elements, and collective communication operations. For data with insufficient reuse to warrant moving

it across the network, using AMOs may significantly reduce network traffic, hide the long network latency,

and thus improve the overall performance of a variety of parallel operations.
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Abstract

The sizes of recent Java-based server-side applications, like
J2EE containers, have been increasing continuously. Past
techniques for improving the performance of Java applica-
tions have targeted relatively small applications. Moreover
the frequency of invoking the methods of a target applica-
tion is not normally distributed. As a result, these tech-
niques cannot be applied efficiently to improve the perfor-
mance of current large applications. We thus propose a dy-
namic code repositioning approach to improve the hit rates of
instruction caches and TLBs. Profiles of method invocations
are collected when the application performs with its heav-
iest processor load, and the code is repositioned based on
these profiles. We also discuss a method splitting technique
to significantly reduce the sizes of methods. Our evaluation
of a prototype implementing these techniques, indicated an
improvement 5% in the throughput of the application.

keyword: Java, Code repositioning, Dynamic compiler,

Cache and TLB performance, Large-scale application.

1 Introduction

Recently, the use of Java has been spreading widely ,
especially among server-side systems, providing web ser-
vices. The code size of applications running on Java
virtual machines (JavaVMs) on these kinds of servers is
typically large. Current JavaVMs utilize dynamic com-
pilers like Hotspot [8] and JIT [11] [6]. These compilers
convert bytecodes into native instructions and perform
various optimizing techniques, including inline method
expansion. They do not, however, consider the total
footprint of an application’s working set of code. Unfor-
tunately, large footprints reduce the hit rates of instruc-
tion caches and translation look-aside buffers (TLBs).

Current processors have very long pipelines to improve
their performance, so that a cache miss hit causes a crit-
ical latency. These processors include mechanisms to
improve cache hit rates, such as branch prediction, in-
struction prefetch, and so on, but these mechanisms are
limited to certain processes.

Many researchers have focused on improving the hit
rates of instruction caches and TLBs from the applica-
tion’s point of view. Pettis [9] pioneered such code repo-
sitioning techniques. The goal of code repositioning is

to minimize the footprint of an application’s working set
of code, thus improving the hit rates of the instruction
caches and the TLBs. This work has focused on appli-
cations written in Fortran and Pascal, while Tamaches
[12] have focused on kernel functions.

There are also numerous techniques for optimizing
Java applications dynamically [1] [2] [10]. We thus ap-
plied a code repositioning technique for a JavaVM, and
we set up an application server as the target server-side
application.

The novel contributions of this paper are the following.

Profiling Algorithm We describe how to gather the
profile information used in the a code repositioning
technique. Because the life cycles of large applica-
tions like those running on application servers have
several stages, (i.e. startup, warm up, and stable
processing), the profile information should be the
one gathered in the stage with the heaviest proces-
sor loads.

Evaluation We evaluated our prototype designed for
the IBM JIT, a widely used, high-performing
JavaVM. Our evaluation, indicated a 5% improve-
ment in the throughput of a target application run-
ning on the application server.

The rest of this paper is organized as follows. Section 2
describes the dynamic code repositioning approach. Sec-
tion 3 discusses the prototype evaluation of our proto-
type, and Section 4 presents our conclusions.

2 Dynamic Code Repositioning

Current JavaVMs compile methods that are frequently
invoked. A typical JavaVM has a counter for each
method, and increments it when the method is invoked.
When a counter exceeds a threshold, the JavaVM com-
piles the method corresponding to the counter. There-
fore, the order in which methods are compiled is not
related to the order of invocation, and also frequently
executed code and rarely executed code are intermixed
within individual methods. This approach results in low
hit rates for instruction caches and TLBs.
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Our proposal is to increase the hit rates of instruction
caches and TLBs by repositioning the compiled code.
The principles of code repositioning are as follows.

1. Decrease the distance between frequently called
methods and the corresponding frequent caller
methods.

2. Put rarely executed code in methods farther away.

With code repositioning, the numbers of instruction
cache lines stored in caches and memory pages occupied
by frequently executed code can be reduced. In this
section, we discuss how to implement these principles.

2.1 Online Profiling

To determine an optimized positioning for application
code, statistical profiles of the frequencies of method
invocation are useful, because frequently invoked caller
and callee methods should be placed close to each other.
This section describes how profiles for application code
are aggregated and how the application code is reposi-
tioned.

2.1.1 Life Cycle of an Application

Our target application, an application server, has a life
cycle, which consists of a start-up period initializing the
system, a warm up period with few requests, and a
stable processing period with more numerous requests.
Therefore, the processor load for processing requests and
the frequency of compiling application code dynamically
vary with the stage of the system is in its life cycle.

Startup Warmup Stable

Time

Processor load

Compiling frequency

Figure 1: Life cycle of the application server

Figure 1 shows the life cycle of the system. The x-axis
represents time, and the y-axis represents the processor
load and the frequency of dynamic compiling. The three
stages in the life cycle are described in more detail as
follows.

Start-up The first stage is start up, in which the appli-
cation loads its configuration and components, ini-
tializes its subsystems, and activates them. Because
most of the application code executed in this stage
applies only to initialization, there is little benefit
in optimizing it.

Warm-up The second stage is warm-up, in which the
application receives only a small number of requests.
The throughput at the beginning of this stage is rel-
ativity low, because most of the code for processing
requests has not yet been compiled or placed un-
der dynamic compiling. As time passes, the rate
of compiling code for processing requests increases,
along with the throughput. In contrast, the rate of
dynamic compiling decreases with time.

Stable processing The last stage is stable processing,
in which the application processes a large number
of requests and its throughput is maximal. Most
of the application code executed in this stage has
already been compiled, and the dynamic compiler
of the JavaVM is rarely executed.

To increase the maximum throughput, the optimiza-
tion targets for dynamic code repositioning are the por-
tions of code executed in the stable processing period
with a high processor load and low frequency of dynamic
compilation.

2.1.2 Execution Profiling

To acquire a profile during the stable processing stage,
a thread, called control thread, periodically observes the
frequency of compilation. The JIT increments a com-
pilation counter when it compiles codes dynamically. If
the control thread finds that the counter is less than the
threshold, it starts a profiling process. If not, it sleeps
for a while.

The profiling process has three stages as follows.

Initialization The control thread inserts code invoking
a profiling method into the prologue code of all the
compiled methods. Then the control thread sleeps
for the duration of the profiling period, and the com-
piled code collects profile information on its own.

Profiling The profiling code is invoked with arguments
consisting of the program counter of the caller
method and the profile information of the callee
method. The profiling code includes a profiling ta-
ble, which contains a pair consisting of the program
counter of the caller method and the unique ID of
the callee method, and a counter for the number
of invocations. When invoked, the profiling code
searches the profiling table for the caller method’s
program counter and the callee method’s ID. If they
are not found, the profiling code registers the new
pair in the profiling table. If they are found, it in-
crements the pair’s counter.

Finalization After a period of profiling, the control
thread awakes and reinserts the prologue code to
the original code, in order to stop profiling.

The more samples are gathered, the more accurate the
information. If the number of samples gathered during
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the profiling period is below the threshold, the system
does not optimize the code but repeats the profiling pro-
cess instead.

2.2 Code Repositioning

After the profiling process, the system decides which
methods should be placed with corresponding algorithms
and where, based on a “closest is best” strategy[9]. This
section describes how the system determines the posi-
tioning of methods and repositions them.

2.2.1 Dynamic Call Graph

After the system gathers a sufficient number of samples,
it creates an undirected weighted dynamic call graph
based on the profiling table, which stores the results of
the profiling process (Figure 2). Each node of the graph
represents a caller or callee method, and each edge rep-
resents a call between two methods. The weight of the
edge represents the number of times the call was made.
In this graph recursive calls are ignored, because they
cannot be optimized by repositioning code.

2.2.2 Sorting by Invocation Frequency
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Figure 2: Dynamic call graph

Because our algorithm is based on a “closest is best”
strategy[9], it first chooses the edge with the heaviest
weight in the graph. If multiple edges have the same
weight, one is arbitrarily chosen. The two methods cor-
responding to the two nodes connected by the chosen
edge will be placed next to each other in the final po-
sition of the code. Then, the two nodes in the graph
are merged into one node. If these nodes have edges to
same node, these edges are also merged into one edge
whose weight is the sum of the weights of each node.
When the nodes are merged, the new node representing
the merge is attached to a binary tree (Figure 3). The
new node includes information consisting of the weights

of the edge between the original nodes, and the original
nodes become child nodes of the new node. This process
is repeated until the whole graph contains no edges.

Because every node in the dynamic call graph can be
traced from a node representing “main” method, that
was invoked by the JavaVM at first, the graph is a con-
nected graph. Therefore the graph will contain only a
single node at the final step.

(a) (b)

(c)

(d)

B D B D A E

A EB D

A EB D

1,000 4001,000

1,000 400

300
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300 C
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Figure 3: Binary tree

Finally, the position of the methods is determined by
a depth-first search, that is a algorithm which traces a
heavier node first. The algorithm recognizes each leaf
representing a method is lighter than a node representing
a merged node. If both child nodes represent methods,
one is arbitrarily chosen.

Figures 2 and 3 show examples of dynamic call graphs
and the corresponding binary trees, respectively. The
edge connecting methods B and D has the heaviest
weight in the graph (1) of Figure 2, so methods B and D
will be placed next to each other in the final positions of
the methods. Then, a node representing this merge with
a weight of 1000 is attached to the binary tree shown in
(a) of Figure 3 and nodes representing methods B and D
are attached to the merge node. This process is repeated
until the graph has no edges.

After inserting the merge nodes, the binary tree is
traced by a depth-first search. The final positions of

3



methods becomes B-D-A-E-C in this example.

2.2.3 Repositioning

In a typical application, many methods are invoked only
few times. To reduce the cost of dynamic code repo-
sitioning, these edges for these less frequent calls are
removed from the set of target methods. The control
thread removes methods whose ratios of method invo-
cation to total invocations are below a threshold after
calculating the positions of methods. Finally the system
recompiles the methods in the sorted order and inserts
the native codes.

2.3 Method splitting

Both frequently executed code and rarely executed code
often exist within one method. It is thus more efficient to
put frequently executed code close to a caller method and
rarely executed codes farther away. The system treats
two types of codes, exception code and inline compen-
sating code, as rarely executed, and it puts them in a
rare code region, which is separate from the usual region
in which frequently executed code is placed.

2.3.1 Exception Code Splitting

Exception mechanisms characterize Java. The exception
code contains the control flows that create and throw ex-
ception objects and the control flows that catches excep-
tion objects and return them to the original sites after
they are processed. These portions of code are executed
relatively rarely. The system analyzes the control flows
of methods and finds those flows that process exceptions
and create exception handlers. The system treats the ba-
sic blocks of these control flows as rarely executed code.

2.3.2 Inline Compensating Code Splitting

The IBM JIT optimizes code by inline method expan-
sion. While the application code is running, it looks for-
ward to find non-overwritten methods among the com-
piled methods by analyzing a class hierarchy. It per-
forms inline method expansion for the methods found
and creates compensating code. The compensating code
performs the original virtual method calls, and then re-
turns to the original control flow.

If the expanded inline methods are overwriten, the
JIT replaces the expanded inline with code calling the
compensating code. With this algorithm, the JIT can
optimize the virtual method calls and ensure correct be-
havior.

The system treats the compensating code as rarely
executed.

3 Evaluation

This section gives the results for an experimental eval-
uation of a prototype implementation of the code repo-

sitioning technique here. The prototype implementation
was based on IBM JDK 1.3.0[11]. The primary goals of
our evaluations were to determine whether code repo-
sitioning could achieve significant improvement in per-
formance, and to analyze the system’s behavior at the
processor level.

3.1 Environment

All the experiments were performed on a 1 GHz Pen-
tium III system[4] with 512 MB of RAM, running Red
Hat Linux 7.2, kernel 2.4.9-13. The benchmarks we
used were SPEC jbb2000[5], and Call Control Simula-
tor. SPEC jbb2000 is a benchmark designed to evalu-
ate server performance by emulating a 3-tier middleware
system. It outputs a score for comparing the perfor-
mance of JavaVMs and underling platforms. Call Con-
trol Simulator is our original benchmark emulating a
JAIN Call Control[3] platform running on JBOSS ap-
plication server [7]. It requires a client which generates
an input sequence and outputs a throughput every sec-
ond.

Table3.1 summarizes the key characteristics of the
Pentium III processor. The processor has two L1 caches
which are one for code and one for data, one L2 cache for
both of them, and two TLB which are I-TLB for code
and D-TLB for data. The technique discussed in this pa-
per affects behavior of the L1 code cache, the L2 cache,
and the I-TLB.

3.2 Benchmark Results

To maximize the performance improvement, the profiles
for code repositioning must be gathered during the most
appropriate stage of the application’s life cycle. To ful-
fill this requirement, we made the input sequence of Call
Control Simulator be continuous for the start-up period
and the warm-up period, arrange the threshold for start-
ing and stopping the profiling and confirmed that the
profiling is finished until the end of the warm-up period.

In the case of generic benchmarks like SPEC jbb2000
it’s not possible to arrange the input sequence, so we just
determined the thresholds. Therefore the improvement
of it may be relatively small.

The effectiveness of the code repositioning technique
depends on the size of the application’s code working

Table 1: Specification of Pentium
Pentium III

L1 code cache size 16KB
4way

Cache line size 32B
L2 cache size 256KB

4way
Cache line size 32B

I-TLB size 32 entry
4 way
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set. Table 2 lists the benchmark specifications; the size
of compiled codes and the number of repositioned meth-
ods. The former is the size of the native code compiled
from frequently invoked methods, and the latter is the
number of methods invoked frequently while the profiles
are gathered and repositioned by recompiling. The size
of compiled codes is different from the size of the appli-
cation’s code working set because JIT just compiles a
method invoked many times. But relations of these two
size are similar to benchmark applications.

Table 3 shows the results for Call Control Simulator.
“Cycles instruction fetch stalled” means the number of
cycles the processor stalls while it cannot fetch a next in-
struction. The throughput is improved 5.0%, The cycles
instruction fetch stalled reduced by 9.4% and the I-TLB
hit rate was significantly improved. On the other hand ,
the L1 cache hit rate and the L2 cache hit rate were not
improved after repositioning codes.

Table 4 shows the results for SPEC jbb2000. The score
was improved by 1.23%, The cycles instruction fetch
stalled reduced by 10.2% and the I-TLB hit rate was
improved by 9.82%. On the other hand, the L1 cache
hit rate and the L2 cache hit rate are not improved as
same as the results for Call Control Simulator.

According to these results, major improvements of the
code repositioning technique are derive from the effi-
ciency improvements of page usage, not from the effi-
ciency improvements of cache usage. The main reasons
of non-effectiveness for cache usage are as follows.

• The size of the cache line of each cache is small
enough. Because the size of methods are much big-
ger than the size of cache line, there are normally
codes of only one method in one cache line. There-
fore the code repositioning and the method splitting
cannot improve the efficiency of cache usage

• The size of the application’s code working set is
small enough relatively to the size of each cache.

3.3 Repositioning Analysis

We observed the frequency of method invocation to ver-
ify that the code repositioning algorithm could put fre-
quently used portions of code closer together. Figure
4 shows the distribution of method invocations for Call
Control Simulator before code repositioning, while Fig-
ure 5 shows the distribution after code repositioning. In
each figure, the x-axis represents the head address of the
memory pages, and the y-axis represents the number of

Table 2: Application size
Size of Number of

compiled codes repositioned
(bytes) methods (bytes)

SPEC jbb2000 442,140 79
Call Control 1,940,012 320
Simulator

Table 3: Results for Call Control Simulator
Default Repositioned Percentages

improvement
Throughput 65.5 68.8 5.0%

Cycles instruction 2.12×1010 1.92×1010 9.4%
fetch stalled

L1 cache hit rate 97.8% 97.8% 0.0%
L2 cache hit rate 70.9% 71.3% 0.4%
I-TLB hit rate 79.7% 85.4% 5.7%

Table 4: Results for SPEC jbb2000
Default Repositioned Percentages

improvement
Score 10,113 10,238 1.2%

Cycles instruction 1.14×1010 1.03×1010 9.8%
fetch stalled

L1 cache hit rate 98.5% 98.6% 0.1%
L2 cache hit rate 90.2% 90.6% 0.4%
I-TLB hit rate 82.5% 92.6% 10.2%
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Figure 4: Distribution of method invocation before code
repositioning
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Figure 5: Distribution of method invocation after code
repositioning
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Figure 6: Coverage of application footprint

invocations of the methods in a page. The distribution
before the code repositioning shows spread over many
pages, while the distribution after the code reposition-
ing shows that frequently invoked methods were placed
in a smaller number of pages, and most of method invo-
cations were limited to methods of these pages.

Figure 6 shows the coverage rate for each application
before and after code repositioning in terms of the num-
ber of pages. Because Call Control Simulator was the
largest application, more pages were required to cover
its footprint. Before code repositioning 55% of invoca-
tions could be covered in 32 pages, which is the number
of I-TLB entries available with a Pentium III. After code
repositioning, on the other hand, 79% number of invo-
cations could be covered in 32 pages. The smallest ap-
plication, jbb2000, covered 94% in 32 pages before code
repositioning and 99% after code repositioning.

4 Conclusion

This paper has described the techniques and evaluated
the performance of code repositioning for a JavaVM
to improve the performance of a large-scale application
server. With this approach, the system profiles the ap-
plication’s behavior during the most efficient stage of its
life cycle. It then repositions the compiled code to min-
imize the memory footprint of the application’s working
set of instructions.

The results of our evaluation demonstrated impressive
performance improvements 5.0% for Call Control Simu-
lator and from 1.2% for SPEC jbb2000. The most im-
provement is caused by improvement of efficiency usage
of pages and TLB.

Our future plan is to combine this code repositioning
approach and the inline method expansion technique.
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Abstract

In this paper we analyze the design of polylibraries, where the pro-
grams call routines from different libraries according to the characteristics
of the problem and of the system used to solve it. An architecture for this
type of libraries is proposed. Our aim is to develop a methodology which
can be used in the design of parallel libraries. To evaluate the viability
of the proposed method, the typical linear algebra libraries hierarchy has
been considered. Experiments have been performed in different systems
and with linear algebra routines from different levels of the hierarchy. The
results confirm the design of polylibraries as a good technique for speeding
up computations.
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1 Introduction

The idea we put forward in this paper is to use a number of different basic
libraries to develop a polylibrary. To evaluate the method, the typical parallel
linear algebra libraries hierarchy has been considered.

Linear algebra functions are widely used in the solution of scientific and
engineering problems, which means that there is much interest in the develop-
ment of highly efficient linear algebra libraries, and these libraries are used by
non-experts in parallel programming. In recent years several groups have been
working on the design of highly efficient parallel linear algebra libraries. These
groups work in different ways: optimizing the library in the installation process
for shared memory machines [1] or for message-passing systems [2, 3], analyzing
the adaptation of the routines to the conditions of the system at a particular
moment [4, 5, 7], or using polyalgorithms [8, 9]. Polylibraries can be used in
combination with other techniques to speed up linear algebra computations, in
such a way that a user will not need to decide the best library to use, and the
polylibrary is responsible for obtaining a near optimum execution.

In Section 2, an architecture for a polylibrary is proposed, and the ensuing
variations in the library hierarchy are considered. Section 3 shows some of the
experimental results obtained. Finally, in Section 4, some conclusions are given.

2 The Design of Polylibraries

When solving linear algebra problems, basic linear algebra routines are called
to solved different parts of the problem. Typically some version of BLAS [10] or
LAPACK [11] is used in sequential or shared memory systems, and ScaLAPACK
[12] can be used in message-passing systems. But there may be different versions
of the libraries. It is possible to have libraries optimized for the machine (either
provided by the vendor or freely available [13, 14]), or automatic tuning libraries
like ATLAS [1] can be installed, or again alternative libraries can be used [15].

The hierarchy of linear algebra libraries is shown in figure 1. At the lowest
level of the hierarchy is the basic linear algebra library (BLAS), which may be
the reference BLAS, a BLAS optimized for the machine, provided by the vendor
or freely available, or an automatic tuning library. To perform the communica-
tions in message passing programs a library optimized for the machine can be
used, as could a free version of MPI [16] or PVM [17]. At higher levels of the
hierarchy there are also different libraries with the same or similar functional-
ity. To solve linear systems or eigenvalue problems in sequential processors, a
reference or machine optimized LAPACK can be used. To solve the problem
in a message-passing platform, different versions of ScaLAPACK or PLAPACK
can be used.

By using libraries from the lower or the middle levels of the hierarchy, we
can develop libraries to solve problems in different fields (libraries to solve ODE
problems, inverse eigenvalue problems, least square Toeplitz problems, etc).

For example, it is possible to solve an eigenvalue problem using ScaLAPACK,
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Figure 1: Hierarchy of linear algebra libraries.

LAPACK, ATLAS and machine MPI; alternatively, it could be solved using
PLAPACK, machine BLAS and MPICH. Likewise, the same problem, with
different sizes, may require distinct libraries.

2.1 The Advantage of Polylibraries

Traditionally the user decides to use a particular set of libraries in the solution
of all the problems. There are some considerations which make it advisable to
use different libraries for different problems. Automatic selection is therefore
interesting for a number of reasons:

• A library optimized for the system might not be available. The use of
an automatic tuning library would be satisfactory, although with time
a better library may become available. Thus, it is necessary to have a
common method to evaluate libraries or routines in the libraries, so that
when a library is installed, the preferred library is changed.

• When the characteristics of the system change, the preferred library can
also change. This makes it necessary to reinstall the libraries.

• Which library is the best may not be clear since library preference will vary
according to the routines and the systems in question. This makes it nec-
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essary to develop the concept of polylibrary. The information generated
in the installation of each library is used to construct the polylibrary.

• Even for different problem sizes or different data access schemes the pre-
ferred library can change. This makes it necessary to design polylibraries
in such a way that a routine in the polylibrary calls to one library or an-
other not only according to the routine, but also to other factors such as
the problem size or the data access scheme. Hence, the routines in the
polylibrary act as interfaces between the program and the routines of the
different libraries.

• We may be working in a parallel system with the file system shared by
processors of different types, which may or may not share the libraries.
In the case of their sharing a basic library, this may be optimized for one
type of processors and not for the others. In any case, the resulting library
will be different for the different types of processors. In parallel systems
the polylibrary will be different in processors that do not share the basic
libraries, while in processors sharing the basic libraries, the polylibrary
could be the same, but with the inclusion in the interface of the routines
of the possibility of calling to one library or another, according to the
processor type.

In this paper, we propose the architecture of a polylibrary, and show with
experiments with some linear algebra routines how the use of polylibraries helps
in the decision of the libraries to be used to reduce the execution time when
solving a problem.

2.2 Architecture of a Polylibrary

A possible architecture for a polylibrary is shown in figure 2. For each of the
basic libraries an installation file (LIF) will be generated, containing informa-
tion about the performance of the different routines in the library for different
variable factors. The format of the different LIFs must be the same, and the
generation of the LIFs must be carried out in the polylibrary installation or
updating process. This generation can be made by using some model of the
routines to predict the execution time or by performing some executions [18, 2].
When the generation is made by performing some executions, the process must
be guided in order to avoid an overlong installation [19]. For each routine in the
polylibrary, an interface routine is developed.

The polylibrary will use the information generated in the lower level libraries
installation (LIFs) to generate the code of the interface routine. To do this, the
format of the different LIFs would be the same, and what we propose is to
develop each library together with an installation engine which generates the
LIF in the format required. This format must be decided by the linear algebra
community in order to facilitate the use of the information to design polylibraries
or libraries of higher level in the libraries hierarchy. The information in the LIF
could be the cost of an arithmetic operation using some routines. In some cases
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Figure 2: Architecture of a polylibrary.

this could be obtained for different problem sizes, because the use of different
costs for different sizes can produce a better prediction and consequently a
reduction in the execution time [20].

For some routines more than one parameter can be used, as for example in
matrix-matrix multiplication, where it could be interesting to store the cost with
square or rectangular matrices. Also the different access schemes can produce
different costs, for example, the BLAS routine drot can have different costs
when the data in the vectors are stored in adjacent positions of memory than
when they are stored in non-adjacent positions. The format of the LIF could
be as follows:

drot ld dgemm column
1 100 200 20 40 80

100 20
n 200 row 40

400 80

The development of installation engines must be included in the basic li-
braries (BLAS, ATLAS, MPI, PVM, ...), but also in libraries of higher level
(LAPACK, PLAPACK, ScaLAPACK, ...), which allows the development of
higher level libraries, which could include an installation engine to generate
their own LIFs.

2.3 Combining Polylibraries with other Optimisation Tech-
niques

There are different techniques for obtaining optimized libraries, and better li-
braries can be obtained by combining different techniques.
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In polyalgorithms we have different algorithms to solve the same problem.
The algorithms can be implemented in different libraries, and the use of different
algorithms does not differ from the use of different libraries. If one of the basic
libraries used is an automatically tuned library a large amount of time may be
necessary to install the library in the system [1, 2], which means a large amount
of time is necessary to update the polylibrary when the conditions on the system
change. The same is true when installing or reinstalling the polylibrary, and in
a parallel system multiple installations will be necessary (possibly in parallel).
Thus the installation process must be guided by the system manager [3], which
decides when it is convenient to reinstall the polylibrary or include a new library,
or a new type of processor, and which factors and range of values to consider.

In some cases the value of some algorithmic parameters are obtained at ex-
ecution time [20]. These values can be the block size in algorithms by blocks;
the number of processors or some parameters determining the logical topology
in a parallel system, ... This means different values of these parameters must be
considered in the polylibrary installation. The routine interface in the polyli-
brary must contemplate this possibility, and the same routine can be called with
different values of the parameters for different problem sizes.

It could be interesting to have a system which attends to petitions of the
user and provides a suitable set of resources according to the present state of
the system. Some research is being done in this direction [5, 6]. To adapt the
method we propose to systems where the load varies dynamically some heuristic
can be used [7]. The values obtained at installation time can be influenced by
using some measures of the system load obtained at running time.

3 Experimental Results

Experiments have been carried out with routines of different levels in the hier-
archy:

• In the lowest level of the hierarchy, the routines are the typical BLAS ones.
These routines must be installed by performing selected computations,
and the information is stored in the LIF of the library. The matrix-matrix
multiplication has been used because it is a representative operation of
the lowest level libraries, it is used in algorithms by blocks and is a good
example to show the methodology. In addition, versions by blocks and
the Strassen method [21] have been considered, taking into account the
combination of the design of polylibraries and polyalgorithms.

• Matrix factorizations by blocks [22] have been analyzed (LU and QR)
because they are basic operations at a second level of libraries, and use
routines of a lower level, as for example the matrix-matrix multiplication.

• As examples of the highest level of libraries a lift-and-project algorithm
to solve the inverse additive eigenvalue problem [23] and an algorithm
to solve the Toeplitz least square problem [24, 25] have been considered.
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In the former, the cost is of order O
(
n4

)
and it is easy to make a good

choice of the parameters to obtain executions close to the optimum. The
second algorithm has order O

(
n2

)
, and it is more difficult to make a good

selection of the parameters. In both cases they use routines of lower levels,
and those routines are used in a blackbox way.

The experiments have been carried out over different systems because the
goal is to obtain a methodology valid for a wide range of systems. The platforms
used have been: a shared memory space system (Origin 2000 with 32 processors),
and some networks of processors.

Some of the experimental results obtained are reported in this section. More
experimental results can be found in [26].

3.1 Matrix-matrix Multiplication

The matrix-matrix multiplication is an operation from the lowest level of the
hierarchy, but higher level implementations have been considered. For polyalgo-
rithms we use a direct multiplication, a multiplication by blocks, and a Strassen
multiplication. The use of these algorithms allows us to combine the design of
polylibraries with the automatic choice of algorithmic parameters: in the algo-
rithm by blocks the block size is an algorithmic parameter, and in the Strassen
multiplication the algorithmic parameter is the size of the matrix to stop the
recurrence.

For routines in the lowest level of the hierarchy only the sequential case is
analyzed, because these routines would be used by parallel routines which will
call them in each processor.

In a network of six SUNs with two different types of processors (five SUN
Ultra 1 and one SUN Ultra 5) the interface of the routine would have one part for
each type of processor. The libraries used in the experiments have been: a freely
available reference BLAS (BLASref), the scientific library of SUN (BLASmac),
and three versions of ATLAS: a version of ATLAS installed in SUN Ultra 1
(ATLAS1), and another two prebuilt versions of ATLAS 3.2.0 [30] for Ultra 2
(ATLAS2) and Ultra 5 (ATLAS5). The same libraries are used by the SUN
Ultra 1 and the SUN Ultra 5 because they share the file system.

The values in the LIF can be obtained by performing executions for the
different algorithms, problem sizes and values of the parameters provided by
the library manager. This may suppose a large amount of time, and heuristics
can be used to reduce that time. For example, in the algorithm by blocks,
experiments can be performed for different blocks for the smallest problem size.
In the Strassen algorithm, for the smallest problem size, the problem is solved
with base size half the problem size, then a quarter of the problem size, and so
on until the execution time increases. The optimum base size is taken as the
initial for the local search for the next problem size.

If the installation is made with matrix sizes 400, 800 and 1200, the interface
routine could be:

if processor is SUN Ultra 5
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if problem-size<600
solve using ATLAS5 and Strassen method with base size

half of problem size
else if problem-size<1000

solve using ATLAS5 and block method with block size 400
else

solve using ATLAS5 and Strassen method with base size
half of problem size

endif
else if processor is SUN Ultra 1

if problem-size<600
solve using ATLAS5 and direct method

else if problem-size<1000
solve using ATLAS5 and Strassen method with base size

half of problem size
else

solve using ATLAS5 and direct method
endif

endif

The lowest execution time (low.) is compared with the execution time with
the library, method and parameter provided by the model (mod.), and that
obtained using the direct method with ATLAS5. The comparison is shown in
table 1. The execution time using the model is close to the lowest, and the
same happens when the direct method and ATLAS5 are used. The conclusion
could be that it is better to determine the best library (ATLAS5) and method
(direct). Possibly this is a good option in some cases, but we observe that the
optimum library is not always apparent. The preferred library should be the
scientific library of SUN, but it is clearly surpassed by all the versions of ATLAS.
In SUN Ultra 1, one would expect the preferred ATLAS to be that installed in
the system by the manager (ATLAS1), but in fact the best is ATLAS5.

The selection of the library, method and parameters is satisfactory in all
the systems considered, and this produces small differences between the lowest
execution time and that obtained with the values provided by the polylibrary.

The use of different algorithms and libraries is not a great improvement with
respect to the use of the best library, but the proposed method can also be used
just to obtain or update which is the best library among those available.

The method can also be used to decide which algorithm to choose from a set
of available algorithms, because each algorithm can be considered as the routine
of a different library.

The selection of the parameters which produce lowest execution times can
be combined with the selection of the library or algorithm.
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Table 1: Comparison of the lowest execution time, the execution time obtained
using the model, and the execution time using the direct method and ATLAS5.
In SUN Ultra 5.

200 600 1000 1400 1600
time 0.038 1.063 4.678 12.532 20.031

low. library ATLAS5 ATLAS5 ATLAS5 ATLAS2 ATLAS2
method direct direct Strassen Strassen blocks

parameter 2 2 400
time 0.041 1.112 4.678 12.575 26.569

mod. library ATLAS5 ATLAS5 ATLAS5 ATLAS5 ATLAS5
method Strassen blocks Strassen Strassen Strassen

parameter 2 400 2 2 2
ATLAS5 direct time 0.038 1.063 4.833 13.501 31.023

3.2 Matrix factorizations

Automatic tuning medium level routines can be developed by obtaining a the-
oretical model of the routine where the system parameters are identified, and
the values of the system parameters are obtained from those stored in the LIFs
of lower level libraries. After the substitution of the values some decisions can
be taken, e. g. the best library and the optimum values of some algorithmic pa-
rameters. We show how the method works with the LU and QR factorizations.

One of the most difficult parts for the development of a hierarchy like the
one proposed is to obtain a common cost model valid for a wide range of sys-
tems and algorithms. This is not the goal of this paper, and there are some
complementary works on this issue [27, 3, 28, 29]. Some of the ideas to consider
when obtaining a simplified but useful model are: the parameters in the theo-
retical model are taken not as constant values, but as a function of the problem
size and some parameters which depend on the algorithm (the block size, the
number of processors, the topology of the communication network, etc); differ-
ent parameters for different operations at the same computational level; and
the values of the parameters which are also dependent on the way the data are
stored and accessed.

With these considerations, the cost of the parallel block LU factorization
can be modelled by the formulae:

2
3

k3,dgemm
n3

p
+

r + c

p
bk3,dtrsmn2 +

1
3

b2k2,dgetf2n (1)

for the arithmetic cost, and:

ts
2n max(r, c)

b
+ tw

2n2 max(r, c)
p

(2)

for the communication cost.
And for the QR factorization the costs are modelled by:
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4
3

k3,dgemm
n3

p
+

1
4c

bk3,dtrmmn2 +
1
r

bk2,dgeqr2n2 +
1
2r

bk2,dlarftn
2 (3)

and:

ts
n

b
((2+3b) log r+2 log c)+tw

(
n2

2

(
2(r − 1)

r2
+

log r

c
+

log r

r

)
+ nb log p

)
(4)

The matrix is distributed in a logical two-dimensional mesh (in ScaLAPACK
style [12]) of p = r × c processors, with block size b.

The system parameters are k3 (operations of level 3 BLAS), k2 (operations
of level 2 BLAS), ts (start-up time) and tw (word-sending time); and the al-
gorithmic parameters b (block size), r and c (number of rows and columns
in the network of processors). The cost of the arithmetic operations is con-
sidered different for different routines (k3,dgemm, k3,dtrsm, k2,dgetf2, k3,dtrmm,
k2,dgeqr2 and k2,dlarft). The two factorizations have in common the parameter
k3,dgemm. Hence, they will use the information (LIF) generated for k3,dgemm

when the matrix-matrix multiplication was installed in the system. The li-
brary (l) can also be considered as an algorithmic parameter. Thus we have
k3,dgemm(n, b, r, c, l), and the same with the other system parameters. In the
installation of a routine like dgemm, the dependence of the system parameters
with respect to the algorithmic parameters is analyzed, and possibly the number
of dependencies will be reduced: the dependence may be k3,dgemm(b, l).

Experiments have been carried out in a network of Pentium III with Myrinet
and Fast-Ethernet. Five libraries have been used: ATLAS, reference BLAS, a
BLAS for Pentium II Xeon (BLASII), and two versions of a BLAS for Pentium
III (BLASIII). The results obtained with reference BLAS are always worse than
those with ATLAS, and the second version of BLASIII always works faster than
the first version.

In table 2 the experimental results with the LU factorization are summa-
rized. The theoretical (the.) and lowest (low.) execution times, the execution
time obtained with the parameters provided by the model (mod.), and the asso-
ciated block size are shown for different libraries and problem sizes. The lowest
optimum and modelled execution times for each matrix size are highlighted. The
model provides good values for the parameters. The best results are obtained
with BLASIII and BLASII, as predicted by the model. Also the optimum block
size is well predicted. The difference between the libraries is less important in
the parallel case than in the sequential case due to the cost of communications,
which is common to all the libraries.

In table 3 results obtained with the QR factorization are shown. The exe-
cution time with the parameters provided by the model (mod.) and the lowest
execution time (low.) are shown together with their parameters. The times
with the model are always close to the lowest times, because the model makes
a good selection of the parameters: number of processors, dimensions of the
mesh, block size and library.
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Table 2: Execution time (in seconds) of the parallel LU routine, with different
basic libraries. In a network of 4 Pentium III with Myrinet.

ATLAS
the. low. mod.

time blo. time blo. time blo.
512 0.13 32 0.12 32 0.12 32
1024 0.79 32 0.74 32 0.74 32
1536 2.36 32 2.21 64 2.27 32

BLASII
the. low. mod.

time blo. time blo. time blo.
512 0.13 32 0.11 32 0.11 32
1024 0.77 32 0.71 32 0.71 32
1536 2.30 32 2.13 32 2.13 32

BLASIII
the. low. mod.

time blo. time blo. time blo.
512 0.13 32 0.11 32 0.11 32
1024 0.77 32 0.70 32 0.70 32
1536 2.30 32 2.13 32 2.13 32

Table 3: Comparison of the execution time of the QR factorization. In a network
of 8 Pentium III with Fast-Ethernet.

size: 128 256 384 1024 2048 3072

time 0.025 0.087 0.178 1.92 9.90 28.00
mod. processors 1 × 2 1 × 8 1 × 8 1 × 8 1 × 8 1 × 8

block size 8/16 8 8 16 16 16
library BLASII BLASII BLASII BLASII BLASII BLASII

time 0.025 0.086 0.176 1.92 9.40 25.11
low. processors 1 × 2 1 × 8 1 × 8 1 × 8 1 × 8 1 × 8

block size 16 8 8 16 16 16
library BLASII BLASIII BLASIII BLASII BLASII BLASII
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3.3 Experiments with a Toeplitz Least Square program

The problem to solve is the Least Square (LS) Problem: maxx ||T x−b||2, where
T ∈ Rm×n is Toeplitz (Tij = ti−j , i = 0, 1, . . . , m − 1, j = 0, 1, . . . , n − 1) and
b ∈ Rm.

Experiments have been carried out in two networks of Pentiums with Myrinet.
In a Pentium II network with Myrinet the execution time in the sequential case
(seq.), the lowest experimental time (low.) and the execution time with the
number of processors provided by the model (mod.), are those shown in table
4, along with the number of processors used and the speed-up. We can see
the model does not provide the best number of processors, and the difference
between the optimum execution time and the execution time with the number
of processors provided by the model is on average about 58%. For algorithms
with a small cost it could be preferable to perform some selected executions at
installation time to decide the values of the parameters, and to use the model
only for bigger problem sizes [18].

Table 4: Comparison of optimum execution time and the execution time with
the parameters provided by the model. Routine LS Toeplitz in network of
Pentium II with Myrinet.

m × n seq. low. mod.
time proc. speed-up time proc. speed-up

1000 × 500 0.868 0.341 16 2.55 0.868 1 1.00
1000 × 1000 2.144 0.988 8 2.17 1.715 2 1.25
2000 × 200 0.600 0.178 16 3.37 0.383 2 1.57
2000 × 1000 3.630 1.068 16 3.40 1.580 4 2.30
2000 × 2000 9.225 2.922 16 3.16 4.151 4 2.22

The library preferred in the sequential case could also be considered as that
preferred for the parallel routine. In that way ATLAS would be used in the
Pentium III network. In table 5 the execution times are compared when using
the different libraries. The lowest execution time is highlighted for each matrix
and number of processors. We can see the best library is now BLASII, which
is the second best in the sequential case. This may be due to the fact that
in parallel we work with smaller vectors in each processor, and the preferred
library with the sizes experimented in the sequential case may not be the one
preferred for smaller sizes.

3.4 Lift-and-project Method for the Inverse Additive Eigen-
value Problem

A lift-and-project method for the solution of the inverse additive eigenvalue
problem has been used as an example of high level algorithm of high cost. The
order of the algorithm is O

(
n4

)
, and this high order makes it easier to obtain
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Table 5: Comparison of the execution time (in seconds) of the parallel routine
with different basic libraries. Routine LS Toeplitz in network of Pentium III
with Myrinet.

processors: 1 2 3 4
ATLAS

400 0.4566 0.5870 0.5280 0.4151
800 1.0109 1.4078 1.1537 1.1023
1200 1.9772 2.6694 2.3173 1.8172

BLASII
400 0.6115 0.5554 0.5088 0.4073
800 1.2751 1.3887 1.1412 0.9650
1200 2.4280 2.5838 2.1818 1.7185

BLASIII
400 0.6329 0.5850 0.5180 0.4170
800 1.3183 1.4244 1.1862 1.0444
1200 2.5290 2.5745 2.2229 2.0067

optimizations than in the Toeplitz Least Square algorithm considered, which
has an order O

(
n2

)
.

The problem is: given a set of L+1 real symmetric matrices A0, A1, ..., AL, of
sizes n×n, and a set of real numbers λ∗

1 ≤ λ∗
2 ≤ λ∗

m (m ≤ n), obtain d ∈ RL and
a permutation σ = σ1, . . . , σm, with 1 ≤ σ1 < . . . < σm ≤ n, which minimizes
the function F (d, σ) = 1

2

∑m
i=1 (λσi

(d) − λ∗
i )2, with λi(d), i = 1, 2, . . . , n, the

eigenvalues of matrix A(d) = A0

∑L
i=1 diAi.

The lift-and-project method used to solve the Least Square problem has been
that described in [23]. We analyze the different parts (TRACE, ADK, EIGEN,
MATEIG, MATMAT and ZKA0A) to identify the lower level routines used in
the solution of the problem, and the cost of the different parts of the algorithm.
The theoretical model obtained is:

iter

(
22
3

ksyev + 2k3,gemm + k3,diaggemm

)
n3 +

iter (2k1,dot + k1,scal + k1,axpy) n2L + 2k1,dotn
2L2 + ksumnL2 (5)

where iter represents the number of iterations to reach the convergence.
In the formula there appear five parameters of routines from the lowest level

of the hierarchy (BLAS), and one from the middle level (LAPACK). Three of
the parameters of BLAS correspond to operations of BLAS 1, and two are from
BLAS 3, but of the same operation (gemm) with two different types of matrices.

Table 6 shows the time obtained for a 250×250 matrix and with L = 25. The
total time and the time in each part of the algorithm appear in the table. The
combinations of libraries used are: LAPACK and BLAS installed in the system
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and supposedly optimized for the machine (LaIn+BlIn), reference LAPACK
and a freely available BLAS for Pentium III (LaRe+BIII), reference LAPACK
and a freely available BLAS for Pentium II (LaRe+BlII), reference LAPACK
and the installed BLAS (LaRe+BlIn), LAPACK and BLAS installed for the use
of threads (LaInTh+BlInTh), reference LAPACK and a freely available BLAS
for Pentium II using threads (LaRe+BlIITh), and reference LAPACK and the
BLAS installed which uses threads (LaRe+BlInTh). The lowest execution time
when not using threads (lnt.) and when using threads (lwt.), and the lowest
execution time (low.) are shown for each part of the algorithm and the total
time. We can see the lowest time represents an important reduction with respect
to the execution time obtained with the best combination (LaRe+BIII), which
is not the one installed in the system. The versions that use threads are not
better than those that do not.

Table 6: Comparison of the execution time (in seconds) in the different parts of
the algorithm and with different basic libraries. In dual Pentium III. n = m =
250, L = 25.

libraries TRACE ADK EIGEN MATEIG MATMAT ZKA0A TOTAL

LaIn+BlIn 1.69 12.86 165.81 0.94 98.79 14.22 294.32
LaRe+BIII 1.16 14.87 210.85 0.83 26.70 10.46 264.89
LaRe+BlII 1.16 15.65 255.20 0.86 10.52 10.44 293.85
LaRe+BlIn 1.69 16.41 336.49 1.21 123.73 18.03 497.59

lnt. 1.16 12.86 165.81 0.83 10.52 10.44 201.64

LaInTh+BlInTh 1.10 13.92 266.63 0.66 14.13 12.34 308.80
LaRe+BlIITh 1.16 15.68 254.34 0.79 6.66 9.99 288.66
LaRe+BlInTh 1.10 13.71 249.59 0.62 13.74 11.90 290.68

lwt. 1.10 13.71 249.59 0.62 6.66 9.99 281.70

low. 1.10 12.86 165.81 0.62 6.66 9.99 197.06

If the information for matrix sizes 150 and 250 is stored in the LIFs (and for
matrix size 100 the information associated to 150 is used, and for sizes 200 and
300 that associated to 250), then the execution time obtained with the model
(mod.) is compared with the execution time of the best library (lib.), with
the time using the best library in each part of the algorithm (low.), and with
the mean of the execution time of all the libraries considered (mea.). The mean
value represents the execution time a non-expert user could obtain when solving
the problem using some reasonable values of the parameters. The comparison is
shown in table 7. The model gives a good approximation to the lowest achievable
execution time, and the time with the model is clearly better than that with
the best library, and much better than the mean time.

4 Conclusions and Future Work

The architecture of a polylibrary has been described, and the advantage of using
polylibraries has been shown with experiments with routines of different levels in
the libraries hierarchy, and in different systems. The method can be applied to
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Table 7: Comparison of the execution time using the model (mod.) with the
mean execution time (mea.), the time with the best library (lib.) and with the
best library in each part of the algorithm (low.). In dual Pentium III. Square
matrices and L = n

10 .
size: 100 200 300
mea. 3.57 91.30 601.95
lib. 3.06 70.34 417.10

mod. 3.10 68.75 408.99
low. 3.02 66.54 406.11

sequential and parallel algorithms, and it can be combined with other methods
of computation speed up.

The LIF of each library will contain the cost of an operation for each one of
the routines in the library. These costs may be different for different data sizes
or access schemes. The main issue for the design of polylibraries is the decision
of the format of the LIFs, which must be taken by the linear algebra community.
This would allow the development of a hierarchy of automatic tuning libraries,
with associated LIFs.

The proposed method could be applied to help in the development of effi-
cient parallel libraries in other fields. At the moment we are researching the
application to Divide and Conquer and Dynamic Programming algorithms.

References

[1] R. Whaley, A. Petitet and J. Dongarra, Automated Empirical Optimiza-
tion of Software and the ATLAS Project, Parallel Computing 27 (2001)
3–25.

[2] K. Takahiro, A Study on Large Scale Eigensolvers for Distributed Memory
Parallel Machines, Ph. D. Thesis, University of Tokyo, 2001.
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Multi-domain calculations are performed by using exactly the same principle as in single-
domain computations. The only difference is that data are exchanged between adjacent domains
at the end of each scheme and after each filtering.

Expanding the configuration from two-domain to multi-domain, these transformation are
taken between each adjacent domains (processors). The computation is started with the vortex
located at the center of Mesh i. With increasing time, the vortex convects into Mesh i + 1 after
passing through the interface. The meshes communicate through an overlap region. Each mesh
has IL number of vertical lines, which are denoted by its i-index, and JL number of horizontal
lines. The values at points 1 and 2 of Mesh 2 are equal to the corresponding values at points
IL − 4 and IL − 3 of Mesh 1. Similarly, values at points 4 and 5 of Mesh 2 donate to points
IL − 1 and IL of Mesh 1. The exchange of information is shown with arrows at each point
in the schematic. Note that although points on line IL − 2 (Mesh 1) and 3 (Mesh 2) are also
overlapped, they do not need to communicate directly. This only occurs when the number of
overlap points is odd (say, 5 here) and it is called the non-communicating overlap (NCO) point.
Figure 2 shows the sketch of sending and receiving messages among different processes in our
program. A vertical interface is introduced into the curvelinear mesh as shown schematically.
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Figure 4: Running time and speedup for the set IL = 34 + 35, JL = 34, the set IL = 136 ×
2, JL = 64, and the set IL = 68 × 2, JL = 64 versus the number of processors.

The number of each line overlap points can be larger and smaller, but there must be at least
two points. Reference [5] investigated some odd number of overlap points, specifically 3, 5, 7
points, and the effect of overlap size. By increasing the overlapping size, the instabilities will also
increase, and the vortex will be diffused and distorted. In a 3-point overlap, each domain receives
data only at an end point, which is not filtered. With larger overlaps, every domain needs to
exchange several near-boundary points, that need to be filtered due to the characteristic of the
Pade-type formulas. However, filtering the received data can actually introduce instabilities
at domain interfaces. On the other side, results show that the accuracy may increase with a
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larger overlapping region. The 7-point overlap calculation, as opposed to the 3-point overlap
calculation can reproduce the single-domain calculation. To keep a balance, schemes with a
5-point horizontal overlap give good performance of reproducing the results of the single domain
calculation while keeping the vortex in its original shape.
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Figure 5: Swirl velocities of multi-domain calculation for the set with IL = 136 × 2 and JL =
64 at T = 12 are shown as a function of the number of processors.

When specification of boundary treatment is important, the precise scheme will be denoted
with 5 numbers, abcde where a through e are numbers denoting the order of accuracy of the
formulas employed respectively at points 1, 2, {3· · · IL − 2}, IL − 1 and IL respectively. For
example, 45654, consists of a sixth-order interior compact formula, which degrades to 5th- and
4th-order accuracy near each boundary. Explicit schemes in this 5 number notation will be
prefixed with an E. The curvlinear mesh in this paper is generated with the parameters xmin
= ymin = -6, xmax=18, ymax=6, Ax = 1, Ay = 4, nx = ny = 4, and φx = φy = 0. The 34443
scheme with a 5-point overlap is used to generate results.
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4 Performance

All of the experiments were performed on a 24 R10000 processors SGI Origin 2000 distributed-
shared memory multiprocessor system. Each processor has a 200MHz CPU with 4 MB of L2
cache and 2 Gbytes of main memory. The system runs IRIX 6.4.

Begin with a theoretical initial condition, the swirl velocity,
√

(u− u∞)2 + v2, obtained in
two-domain calculation with periodic end conditions are compared at three instants, T = 0
(shown in upper-left-side figure), 6 (shown in upper-right-side figure) and 12 (shown in bottom-
side figure), respectively. At time T = 0, the vortex center is located at X = 0 and, as time
increases, it convects to the right at a non-dimensional velocity of unity. The two-domain results
are clearly demonstrated in Figure 3 which shows the swirl velocity along Y = 0 at T = 12.
The discrepancy in peak swirl velocity between the single- and two-domain computations is
negligible. The vortex is well-behaved as it moves through the interface. The contour lines
are continuous at the non-communicating overlap point. It shows that the two-domain results
reproduce the single-domain values quite well. It also indicates that the higher-order interface
treatments are stable and recover the single domain solution.

The serious problem we first confront is the correctness of our computation. Comparing the
two-domain computation with the manual treatment by Reference [5], it is sure that the results
reproduced by the MPI parallel code were found to be in excellent agreement with those in
Reference [5]. There are not any difference between them.

Speedup figures describe the relationship between cluster size and execution time for a par-
allel program. If a program has run before (maybe on a range of cluster sizes), we can record
past execution times and use a speedup model to summarize the historical data and estimate
future execution times. Here, the speedup for the IL = 136 × 2 and JL = 64 set versus the
number of processors used is shown in Figure 4 for MPI based parallel calculations. From the
figure, we can see that the speedup is close to 8 for 10 CPUs. The reason is that, in five-point
overlap treatment, the computation on each processor is almost independent while the costs of
the communication between the processors can be disregarded. The speedup is a linear function
of the number of processors. It shows that our parallel code with MPI has good performance
on partition.

The single-domain computation with the same conditions is also included in Figure 4. Since
two different input files exist, we can not use MPI based parallel code to calculate using only 1
CPU (processor). The problem can be solved later if one input file is needed. On the other side,
the limitation of maximum number of processors depends on the size of horizontal points, IL.
Suppose we have a set with IL = 34. More than 6 processors may output error messages because
each domain must contain at least about 5 points for exchanging with its adjacent domain.

Results of multi-domain calculations for the set with IL = 136 × 2 , JL = 64 are shown in
Figure 5. In the figure, the swirl velocities at T = 12 are shown as a function of the number of
processors. With a different number of processors, the shape of swirl velocities are very close.
This shows that our multi-domain calculation on a multiprocessor system is consistent with
single domain results.

5 Conclusion

In this paper, multi-domain high-order full 3-D Navier-Stokes equations were studied. MPI was
used to treat the multi-domain computation, which is expanded from the two-domain interface
used previously. One single-domain is broken into up to 2n domains with 2n - 1 overlaps. Five
finite-sized overlaps are employed to exchange data between adjacent multi-dimensional sub-
domains. It is general enough to parallelize the high-order full 3-D Navier-Stokes equations
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